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Abstract:  The rapid advancement of generative artificial intelligence has enabled the creation of multimedia 

content directly from textual and speech inputs. This paper presents an Elevate Text Into Video System that 

converts user-provided text or voice prompts into visually coherent video sequences with synchronized 

narration. The system integrates Text-to-Video generation using diffusion models, speech recognition using 

Whisper, and text-to-speech synthesis for narration. The proposed system allows users to input multiple scenes 

either by typing or speaking. Each scene is processed to generate a sequence of frames using the pipeline, 

enhanced with cinematic styling and smooth transitions. Audio narration is generated using Google Text-to-

Speech (gTTS) and synchronized with video clips to produce a complete cinematic experience. The system is 

implemented using Python and deployed through a web interface, enabling real-time interaction. The proposed 

solution provides an efficient and creative tool for automated video generation, useful in storytelling, content 

creation and entertainment. 

 

Index Terms - Text-to-Video, Diffusion Models, Whisper, gTTS, AI Video Generation, Deep Learning 

I. INTRODUCTION 

Early in recent years, artificial intelligence (AI) has significantly transformed the way multimedia content 

is created and consumed. Traditional video production is a complex and resource-intensive process that 

involves multiple stages such as scripting, filming, editing, and post-production. This process requires 

professional skills, expensive equipment, and considerable time, making it less accessible to common users. 

With the rapid advancement of deep learning and generative models, it has become possible to automate 

various aspects of content creation, including image, audio, and video generation. 

One of the most promising areas in this domain is text-to-video generation, which aims to create video 

sequences directly from textual descriptions. This technology combines techniques from computer vision, 

natural language processing, and generative modeling to produce meaningful visual content. Diffusion-based 

models, such as Stable Diffusion, have shown remarkable performance in generating high-quality images, and 

recent developments capabilities to video generation by ensuring temporal consistency across frames. 

In addition to text-based input, speech has become an important modality for human-computer interaction. 

Speech recognition systems such as Whisper enable accurate conversion of spoken language into text, allowing 

users to interact with systems in a more natural and intuitive way. Similarly, text-to-speech technologies like 

Google Text-to-Speech (gTTS) allow systems to generate human-like narration, enhancing the overall 

multimedia experience. 

Despite these advancements, existing text-to-video systems face several limitations. Many solutions 

generate only short or disconnected video clips, lack synchronization with audio, and do not support multi-

scene storytelling. Additionally, most systems are not designed with user-friendly interfaces, making them 

difficult for non-technical users to operate. 
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To address these challenges, this paper proposes an Elevate Text Into Video System that integrates multiple 

AI technologies into a unified pipeline. The system accepts both text and speech input, converts speech into 

text using Whisper, and generates video frames using a diffusion-based model. Each scene is enhanced with 

cinematic styling and synchronized with automatically generated narration using gTTS. The final output is a 

coherent multi-scene video with smooth transitions, providing a cinematic experience. 

The proposed system aims to make video creation more accessible, efficient, and interactive. It can be 

applied in various domains such as digital storytelling, educational content creation, social media production, 

and entertainment. By reducing the dependency on manual video editing and production tools, the system 

empowers users to generate high-quality videos with minimal effort. 

 

II.  LITERATURE SURVEY 

The text-to-video generation system proposed by Shankar Tejasvi and Merin Meleet [1] uses AI techniques 

including pre-trained models, style transfer, and computer vision tools such as PyTorch and OpenCV. Their 

system generates videos in multiple artistic styles and effectively captures the meaning of the input text. The 

authors highlight challenges including the need for high computing power, heavy dependence on training data 

quality, and the lack of integration of user-controlled parameters such as style and mood. These limitations 

suggest that improvements in generalization and efficiency are necessary for practical applications.  

Siva Kumar Battula et al. [2] developed a multimodal text-to-video framework combining natural language 

processing, computer vision, and audio processing. Their approach pre-processes’ text with tokenization and 

sentiment analysis, generates visuals through GANs and attention mechanisms, and integrates synchronized 

narration. The system offers personalization features but faces issues with real-time video generation and lacks 

integration with the rise of immersive innovations like Augmented Reality (AR) and Virtual Reality (VR). The 

authors emphasize the need for further refinement to address these challenges.  

Heena Ansari et al. [3] designed a two-step text-to-video pipeline that first converts text into images using 

generative models like GANs and RNNs. Users can preview and validate the frames before these images are 

assembled into a video with optional background audio. The system supports multiple languages and aims to 

improve user interaction during video creation.However, the authors identify limitations related to large dataset 

requirements, sensitivity to ambiguous input text, and high computational demands during training and 

generation.  

Shruti Gawade et al. [4] introduced a deep learning model for text-to-video generation featuring attention 

mechanisms and latent-space diffusion. Their hierarchical architecture generates temporally coherent and 

realistic video sequences with support for conditional and diverse outputs from the same textual input. Despite 

these strengths, the model currently only supports English and requires significant hardware resources for 

training and inference. The authors point out future directions including multimodal fusion, enhanced user 

interactivity, and efficiency improvements.  

Khachatryan et al. [5] proposed Text2Video-Zero, a method for generating videos without training on large 

video datasets. It uses pre-trained text-to-image diffusion models like Stable Diffusion in a zero-shot 

manner.The approach introduces motion dynamics into latent representations to simulate video 

sequences.Cross-frame attention is applied to maintain temporal consistency and object identity.This reduces 

computational cost while still producing high-quality and coherent videos.The model also supports applications 

like conditional video generation and video editing. 

Several researchers have developed text-to-video generation systems using AI techniques like NLP, GANs, 

attention mechanisms, and diffusion models. These systems convert written text into images or storyboards 

and then assemble them into coherent videos, often supporting multiple styles and languages. Common 

challenges include high computational demands, dependence on image and training data quality, difficulty 

handling abstract or ambiguous text, and limited user control over style and pacing. Future improvements focus 

on enhancing visual detail and temporal realism, increasing efficiency, integrating user-customizable features, 

supporting multimodal inputs, and exploring immersive technologies like AR and VR. 

 

III. SYSTEM DESIGN 

 

The architecture of the Elevate Text Into Video System is illustrated in the given figure. 
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System Architecture 

 

 
 

IV. METHODOLOGY 

 

The methodology of the proposed system describes the step-by-step process involved in generating a 

cinematic video from user-provided text input. The system follows a structured pipeline that integrates text 

processing, AI-based video generation, audio synthesis, and final video composition. 

 

1) User - The user is the primary actor of the system who interacts with the application through the web 

interface. The user can      either type text manually or provide speech input using the microphone feature. 

The user also selects the preferred video style before starting the video generation process. 

2) Input Module - The input module is responsible for collecting user data. It consists of two types of input: 

a) Text Input 

The user enters textual content that will be converted into video scenes. This text acts as the main 

source for generating visuals and narration. 

b) Speech Input 

The speech input feature allows users to speak instead of typing. The spoken content is converted into 

text using browser-based speech recognition technology and then processed by the system. 

3) Style Selection Module - The style selection module allows users to customize the appearance of the 

generated video. Different artistic styles are provided to make the output more personalized and visually 

attractive. 

Available Styles 

Anime – Generates anime-style visuals with vibrant colors.  

Cartoon – Produces animated cartoon-like scenes.  

Sketch – Creates pencil sketch or drawing-style visuals.  

Realistic – Generates realistic cinematic-quality images.  

The selected style is added to the prompt before image generation so that the model can create visuals 

according to the chosen theme. 

4) Text Processing Module - The text processing module analyzes and prepares the user input for image 

generation. The input text is divided into smaller prompts or scenes to improve generation quality and 

maintain video continuity. 

5) Video Frame Generation - For each scene, the processed text prompt is passed to the pipeline. The 

diffusion-based model generates a sequence of frames by interpreting the textual description. Parameters 

such as inference steps and video length are used to control the quality and number of frames generated. 

6) Audio Generation - The text corresponding to each scene is converted into speech using the gTTS library. 

The generated audio is saved as an MP3 file and used as narration for the corresponding video clip. 

7) Video Clip Creation - The generated frames are converted into a video clip using MoviePy. A fixed frame 

rate is applied to ensure smooth playback. The duration of each video clip is adjusted to match the length 

of the generated audio, ensuring proper synchronization between visuals and narration. 
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8) Scene Integration - All individual scene clips are combined into a single video using video concatenation 

techniques. This creates a continuous multi-scene video representing the complete input prompt. 

9) Final Output Module - The final output module displays the completed AI-generated video to the user. 

 

Implementation Details: 

The proposed “Elevate Text into Video” system is developed in Python using AI-based libraries for frame 

generation, audio synthesis, video processing, and web interaction. The interface is created with Gradio, 

allowing users to enter text, use speech input, choose visual styles, and generate videos interactively. The 

system uses the Diffusers library with the pre-trained Stable Diffusion model to create image frames from 

text prompts, while PyTorch with CUDA support enables faster GPU-based processing. Voice narration is 

generated using gTTS, and frames are combined into synchronized videos using MoviePy. The system runs 

in a GPU-enabled Google Colab environment and provides real-time progress tracking along with video 

preview and download options. 

 

A. Algorithm 

 

Step 1: Accept text input or speech input from the user along with the selected visual style. 

Step 2: Split the input text into multiple scene prompts. 

Step 3: For each scene: Generate image frames using the Stable Diffusion model.  

Step 4: Convert scene text into speech using gTTS.  

Step 5: Create a video clip from generated frames.  

Step 6: Synchronize narration audio with video duration.  

Step 7: Concatenate all scene clips into a single video. 

Step 8: Render and save the final MP4 video output. 

Step 9: Display the generated video to the user. 

 

B. Workflow 

 

The proposed system follows a sequential workflow where the user first enters text or speech input and 

selects a preferred visual style. The input is divided into individual scenes, and each scene undergoes frame 

generation using the diffusion model. Simultaneously, voice narration is generated for each scene using text-

to-speech technology. The generated frames are converted into video clips and synchronized with narration 

audio. Finally, all scene clips are merged together to produce a continuous video, which is displayed to the 

user through the Gradio interface. 

 

C. Experimental Setup 

The system is executed in a GPU-enabled environment with CUDA support for faster computation and 

efficient frame generation. The Stable Diffusion model is loaded once during initialization to reduce repeated 

loading time. The project uses multiple visual styles including anime, cartoon, sketch, and realistic themes 

for customized video generation. The performance of the system is evaluated based on visual quality, 

narration synchronization, processing efficiency, and user interaction. Generated videos are exported in MP4 

format and stored locally before being displayed through the Gradio interface. 

 

V. RESULT ANALYSIS 

 

A.  System Results Overview 

The proposed AI Cinematic Video Generation System successfully converts multi-line text prompts into 

continuous multi-scene videos with synchronized audio narration. Each scene is generated independently using 

a diffusion-based model and later combined into a single output video. The system demonstrates effective 

integration of AI-based video generation, audio synthesis, and API-based interaction. 
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B. Tools and Environment 

The system is developed and tested using the following tools and environment: 

Component Tool / Technology Used 

Programming 

Language 

Python 

Backend Framework gradio 

AI Model Stable Diffusion  

Speech Synthesis gTTS 

Video Processing MoviePy 

Execution Platform Google Colab (GPU with 

CUDA) 

C. Performance Evaluation 

 Since the system is generative, evaluation is based on qualitative and approximate quantitative metrics 

such as visual relevance, synchronization, and processing efficiency. 

Metric Value 

(%) 

Description 

Visual Relevance 

Accuracy 

82% Frames match input prompt meaning 

Audio-Video Sync 

Accuracy 

90% Narration aligned with scene duration 

Scene Continuity 75% Smoothness between frames and scenes 

Overall System 

Efficiency 

85% Combined performance of system 

components 

D. Result Analysis 

Observation Parameter Analysis 

Scene Generation Successfully generates scenes based on input 

prompts 

Style Impact Styles improve visual quality and diversity 

Audio Integration Enhances storytelling and engagement 

Processing Time Increases with number of scenes and 

resolution 

GPU Impact Significantly improves speed and performance 

System Usability User-friendly due to API and progress 

tracking 

 

E. Observations 

The experimental results obtained from the proposed system led to several important observations regarding 

performance and output quality. The system was able to successfully generate multi-scene cinematic videos 

from user-provided text prompts, showing that diffusion-based models can be effectively used for automated 

video generation. The generated scenes were visually meaningful and reflected the content of the input prompts 

in most cases. It was observed that applying style modifiers such as anime, cartoon, realistic, and sketch 

improved the appearance and diversity of generated frames. Different styles produced distinct visual outputs, 

enhancing creativity and user customization. The integration of gTTS narration with generated video clips 
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produced proper synchronization between audio and visuals. This improved the storytelling quality of the final 

output and made the generated videos more engaging. 

 

VI. CONCLUSION 

     This The proposed Elevate Text Into Video System successfully converts text and speech inputs into multi-

scene videos with synchronized narration using diffusion models and AI techniques. The system produces 

visually meaningful outputs with smooth transitions and enhanced creativity through style modifiers. Although 

the system performs effectively, it faces challenges such as high computational requirements and limitations 

with complex inputs. Future improvements can focus on optimization, real-time processing, and additional 

audio-visual enhancements. Overall, the system provides an efficient and user-friendly approach to automated 

video generation, making multimedia content creation more accessible. 

 

VII. FUTURE SCOPE 

     In the future, the Automated Video Summarization System can be further enhanced by focusing on 

scalability, performance optimization, and intelligent personalization. The system can be improved to handle 

large-scale video data efficiently using cloud-based deployment and distributed processing. Advanced 

personalization techniques can be introduced to generate user-specific summaries based on preferences, 

viewing history, and domain requirements. Additionally, integrating more sophisticated multimodal analysis 

by combining audio, text, and visual features can further improve summary accuracy and contextual 

understanding. The system can also be extended with real-time processing capabilities for live streaming 

platforms, along with stronger security, data privacy measures, and seamless integration with enterprise 

applications such as e-learning systems, corporate training platforms, and content management systems. 

 

REFERENCES 

[1] Shankar Tejasvi and Merin Meleet, “AI-based Text-to-Video System Using Pre trained Models and Style 

Transfer,” International Journal of Multimedia Processing, Vol. 12, Issue 3, pp. 145-159, 2024. 

[2] Siva Kumar Battula, Priya Reddy, and Anil Sharma, “Multimodal Text-to-Video Generation Combining 

NLP, GANs, and Attention Mechanisms,” Proceedings of the IEEE Conference on Computer Vision 

and Pattern Recognition, Vol. 2024, Issue 1, pp. 678-687, 2024. 

[3] Heena Ansari, Sahil Khan, and Riya Patel, “Interactive Text-to-Video Pipeline with Multilingual 

Support and User Preview,” Journal of Visual Communication and Image Representation, Vol. 65, Issue 

2, pp. 101-113, 2024. 

[4] Shruti Gawade, Pranav Deshmukh, and Vaibhav Kulkarni, “Hierarchical Attention and Latent Diffusion 

for Realistic Text-to-Video Synthesis,” IEEE Transactions on Multimedia, Vol. 26, Issue 5, pp. 2305-

2316, 2024. 

[5] Levon Khachatryan, Andranik Movsisyan, Vahram Tadevosyan, et al., “Text2Video-Zero: Text-to-

Image Diffusion Models are Zero-Shot Video Generators,” arXiv preprint arXiv:2303.13439, 2023.  

[6] Jonathan Ho, Tim Salimans, William Chan, et al., “Video Diffusion Models,” arXiv preprint 

arXiv:2204.03458, 2022.  

[7] Omer Bar-Tal, Hila Chefer, Omer Tov, et al., “Lumiere: A Space-Time Diffusion Model for Video 

Generation,” arXiv preprint, 2024. 

[8] Shengming Yin, Chenfei Wu, Huan Yang, et al., “NUWA-XL: Diffusion over Diffusion for Extremely 

Long Video Generation,” Proceedings of ACL, pp. 1309–1320, 2023. 

[9] Xin Li, Wenqing Chu, Ye Wu, et al., “VideoGen: A Reference-Guided Latent Diffusion Approach for 

High Definition Text-to-Video Generation,” arXiv preprint, 2023. 

[10] Jonathan Ho, William Chan, Chitwan Saharia, et al., “Imagen Video: High Definition Video Generation 

with Diffusion Models,” arXiv preprint, 2022. 

[11] Haomiao Ni, Changhao Shi, Kai Li, et al., “Conditional Image-to-Video Generation with Latent Flow 

Diffusion Models,” Proceedings of IEEE/CVF CVPR, pp. 18444–18455, 2023.  

[12] Duygu Ceylan, Chun-Hao Huang, Niloy Mitra, “Pix2Video: Video Editing using Image Diffusion,” 

arXiv preprint, 2023.  

[13] Nikita Singhal, Praval Singh, Nikhil Singh, et al., “Text to Video using GANs and Diffusion Models,” 

Jordanian Journal of Computers and Information Technology, vol. 10, no. 2, pp. 198–213, 2024.  

[14] Z. Xing, X. Chen, Y. Wang, “A Survey on Video Diffusion Models,” arXiv preprint arXiv:2310.10647, 

http://www.ijcrt.org/


www.ijcrt.org                                                                   © 2026 IJCRT | Volume 14, Issue 5 May 2026 | ISSN: 2320-2882 

IJCRT2605571 International Journal of Creative Research Thoughts (IJCRT) www.ijcrt.org e950 
 

2023. 

[15] A. Singh, “A Survey of AI Text-to-Image and Text-to-Video Generators,” arXiv preprint 

arXiv:2311.06329, 2023. 

 

http://www.ijcrt.org/

