www.ijcrt.org © 2026 IJCRT | Volume 14, Issue 1 January 2026 | ISSN: 2320-2882

IJCRT.ORG ISSN : 2320-2882

éh INTERNATIONAL JOURNAL OF CREATIVE
9 RESEARCH THOUGHTS (1JCRT)

@a An International Open Access, Peer-reviewed, Refereed Journal

A Literature Review On Multi-Modal Artificial
Intelligence Approaches For Mental Health

Assessment
Shahina K Dr. V. Divya
Research Scholar Assistant Professor
Department of Computing Sciences Department of Computer
Applications
VISTAS, Chennai, India. (UG), School of Computing
Sciences VISTAS, Chennai, India.

Abstract: Now a days Mental health disorders such as depression, anxiety, stress, schizophrenia, and
suicidal tendencies present serious global public health challenges, especially among adolescents and young
adults. Day by day more advances in Artificial Intelligence (Al) and Machine Learning (ML) have driven
the development of multimodal systems integrating diverse data sources: neurophysiological signals,
smartphone-based digital phenotyping, social media content, and wearable sensor data. In this survey offers
a detailed review of five recent studies (2022—-2025) using multimodal, machine learning,.and deep learning
techniques for mental health detection and risk prediction. The survey studies-for data modalities,
methodologies, strengths, limitations, and research challenges. The future research directions are outlined to
inform the development of robust, ethical, real-time Al-based mental health assessment systems.

Keywords: Mental Health, Multimodal Learning, Digital Phenotyping, Deep Learning, Anxiety Detection,
Depression, Stress Detection, Survey

[.INTRODUCTION

Mental health disorders affect millions globally and often go undiagnosed due to stigma, limited clinical
resources, and dependence on subjective self-reporting. Conventional diagnostics are slow and lack
scalability. Recently, Al-driven approaches leveraging multimodal data have shown potential for early,
objective, and continuous mental health assessment.

Multimodal approaches combine diverse data streams such as EEG/ECoG signals, smartphone sensor data,
social media behavior, and physiological signals from wearables. This survey synthesizes recent
contributions in this domain, focusing on five representative studies published between 2024 and 2025. The
objective of this paper is to highlight methodological trends, identify research gaps, and propose future
directions for multimodal mental health analytics.
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This survey highlights recent advancements in multimodal Al-based mental health assessment. By
synthesizing findings from five contemporary studies, the paper underscores the importance of multimodal
data integration, real-time analytics, and ethical Al design. Continued interdisciplinary research is essential
to translate these innovations into scalable and trustworthy mental health solutions

V.
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