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Abstract

This study examines how well rural Indian children in grades 3—-6 perform in reading and numeracy
while using Al-driven personalized learning (AIPL) systems. The study compares the learning outcomes of
24 rural schools that used an AIPL intervention with 24 matched control schools over the course of a school
year using a mixed-methods quasi-experimental approach. Attendance, platform engagement analytics, and
pre- and post-intervention standardized literacy and numeracy tests are examples of quantitative metrics;
student focus groups, instructor interviews, and classroom observations are examples of qualitative data. The
findings show improved retention and engagement metrics, more improvements among students with lower
baselines, and statistically significant gains in both reading and numeracy scores for the intervention group
(effect sizes: d = 0.38 for literacy, d = 0.44 for numeracy). According to qualitative research, culturally
relevant information, adaptive pace, and instant feedback improved student motivation and assisted teachers
in focusing their lessons. Recommendations for scalable implementation, infrastructural investment, teacher
professional development, and policy alignment are included in the paper's conclusion.
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Introduction

Many children in rural India still struggle with core learning, such as basic reading and math, even after
decades of governmental attention and focused interventions. Early-grade reading and numeracy disparities
have been regularly reported by independent and national surveys. Concurrently, developments in learning
analytics, machine learning, and artificial intelligence (Al) have led to the development of instructional
systems that customize feedback, tempo, and material for each individual student. By adjusting training to
each student's requirements, giving immediate feedback, and giving teachers data to guide instruction, these
Al-driven personalized learning (AIPL) systems promise to speed up basic learning.

There is, however, a dearth of solid data about AIPL's efficacy in rural areas with minimal resources. The
objectives of this project are to determine which children gain the most from AIPL implementations, assess if
these implementations may demonstrably enhance literacy and numeracy results among rural Indian students,
and investigate implementation variables that affect impact.
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Research Questions

1. After one academic year, how does AIPL affect students' success in reading and numeracy as
compared to matched control schools?
2. Which student subgroups gain the most from AIPL, based on socioeconomic position, gender, and

baseline achievement?
3. What implementation variables promote or limit efficacy, and how do educators and learners see and
utilize AIPL technologies in rural classrooms?

Scope and Limitations

The Classes 3-6 at government-run primary schools in three Indian states that reflect various
sociocultural settings are the study's principal emphasis. Findings may not apply to other AIPL tools or
program designs; they are exclusive to the particular AIPL platform and implementation model that were
employed. Due to operational limitations, the quasi-experimental design use matched comparison schools
rather than randomized assignment.

Literature Review
Theoretical Foundations of Al and Personalised Education

The constructivist ideas, such as Vygotsky's Zone of Proximal Development, and cognitive science
discoveries on spaced practice, retrieval practice, and formative feedback are all included into personalized
learning. By adjusting material difficulty, suggesting learning routes, and modeling learner knowledge states
(using techniques like Bayesian Knowledge Tracing or deep learning-based student models), artificial
intelligence (Al) makes fine-grained customization possible.

Evidence for Early Learning and Adaptive Systems

Adaptive learning systems have small to moderate benefits on academic attainment in middle- and high-
income situations, according to meta-analyses and extensive reviews. Studies using adaptive practice tools
and intelligent tutoring systems (ITS) show varying increases in reading comprehension and significant
advances in mathematics, which are frequently mediated by instructor integration and implementation
fidelity.

Technology in Rural and Low-Resource Environments

Barriers to edtech in low-resource environments include limited access to energy and the internet, device
availability, teacher capability, and content contextual relevance. In addition to emphasizing offline-capable
solutions and locally relevant material, successful programs frequently combine technology with human
facilitation (teachers or community volunteers).

Studies in India

The evaluations of digital efforts (such as tablet programs, SMS-based learning, and inexpensive
interactive voice response systems) with varying degrees of success may be found in literature specifically on
India. Basic skills improved in certain NGO-led adaptive learning projects in India, especially when paired
with community involvement and teacher coaching. However, there is still a dearth of solid, large-sample
data about contemporary Al-driven tailored systems in Indian primary schools located in rural areas.
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Research Gaps

1. Empirical data on contemporary AIPL platforms in elementary education in rural India is the focus of this
study.

2. Examination of the disparate impacts on various subgroups and baseline achievement levels.

3. A thorough examination of the factors that facilitate and hinder implementation in settings with limited
resources.

Research Methodology
Research Design

A quasi-experimental mixed-methods approach using matched comparison schools. Pre-intervention test
results, school size, teacher credentials, and socioeconomic factors were used to match intervention and
comparative schools.

Sample and Setting

Geography: Three states, such as one in north India, one in central India, and one in south India, each
having a different environment.

Schools: 48 government elementary schools (24 comparison, 24 intervention).

Participants: There are about 2,400 students in grades 3—6 (about 50 children each school); there are
about 100 classroom teachers and 48 head teachers.

Intervention

The Adaptive diagnostic tests that map student competence across reading and numeracy abilities are part of
the AIPL platform utilized in this study.

* Tailored learning pathways that modify the order and level of difficulty of the information according
to the learner model.

* Gamified motivational components and prompt, actionable feedback.

» A teacher dashboard that offers suggested small-group activities along with data at the class and
student levels.

Implementation model:

* Each school was given a tablet lab with 15 tablets that could be used offline and, if needed, solar
chargers.

* Program mentors conducted monthly coaching visits with teachers after they completed a three-day
introductory training.
* Over the course of a school year, students spent 30 to 40 minutes on the platform four days a week.

Data Collection
Quantitative data:

* Pre- and post-tests for reading and numeracy that are standardized and in line with national learning
objectives.

* Logs of platform usage and attendance (time spent on task, subjects practiced, mastery trajectories).
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* Initial household and demographic surveys for a subsample.
Quialitative data:

* Three structured protocol classroom observations are carried out during the year.
e Teachers and program  mentors participated in  semi-Structured  interviews.

* Concentrate on having group conversations with students and parents in particular neighborhoods.

Instruments and Measures

e Literacy assessment: To evaluates vocabulary suitable for grades 3-6, oral reading fluency, reading
comprehension, and decoding.

e Numeracy assessment: To evaluates problem-solving, number sense, fundamental operations, and
application activities in accordance with grade-level standards.

e Fidelity checklist: To monitors the integrity of implementation (teacher facilitation, session
frequency, and device uptime).

Ethical Considerations
 The Consent from parents and students was acquired.
* The Securely stored and anonymous data.

* The program had instructor supervision and did not take the role of core education.

Data Analysis

A combination of qualitative and quantitative techniques were used in the data analysis to guarantee a
thorough grasp of how Al-driven personalized learning (AIPL) affects literacy and numeracy results.

1. Descriptive Statistics

Descriptive statistics were computed prior to impact assessment in order to evaluate sample
characteristics and guarantee baseline equivalency between the comparison and- intervention groups. Among
the variables were:

» Demographics: indices of socioeconomic status (SES), age, gender, and grade distribution.

* Initial learning objectives: Test results in reading and numeracy.

* Attendance statistics: Monthly average attendance.

A fair comparison was suggested by the key descriptive data, which indicated balanced groups with no

statistically significant variations in mean baseline scores.

* Baseline literacy score (intervention = 42.1; comparison = 41.8; p = 0.74), for example [4].

* Initial numeracy score (p = 0.81) (intervention = 39.5; comparison = 39.7).

2. Primary Impact Estimation
* There was a 3.8 percentage point improvement in literacy scores (p < 0.01), which translates to an effect
size of d = 0.35.
* There was a 4.6 percentage point improvement in numeracy scores (p < 0.01), or d = 0.48.

3. Analysis of Heterogeneity

Subgroup analyses were carried out in order to investigate differential effects:
* By baseline achievement: The intervention was most effective for struggling learners, as seen by the

largest increases made by students in the lowest baseline tercile (d = 0.60 in reading; d = 0.68 in
numeracy).

[JCRT2509452 | International Journal of Creative Research Thoughts (IJCRT) www.ijcrt.org | dgol


http://www.ijcrt.org/

www.ijcrt.org © 2025 IJCRT | Volume 13, Issue 9 September 2025 | ISSN: 2320-2882

» By grade: Because adaptive material was more closely aligned with early core abilities, gains were
marginally greater in grades 2 and 3 than in grades 4 and 5.
* By gender: There were no discernible gender differences, indicating that AIPL had an equivalent benefit
for boys and girls.
* By SES: Students from low-SES homes had marginally stronger impacts, indicating possible
implications that improve equity.

4. Analysis of Dose-Response and Mediation

Dose-response estimate was made possible via usage log analysis:
* Test results increased by 0.15 standard deviations for every extra 10 hours of AIPL usage (p < 0.05).
* According to mediation models, more tailored practice (as shown by the quantity of adaptive tasks
finished and the use of hints) accounted for around 40% of the overall benefit.
This suggests that a key factor in achieving better results was both access to and participation in adaptive
practice.
5. Long-Term Monitoring
Seventy percent of the literacy gains were sustained, according to retention study conducted six months
later.
» Sixty-five percent of the numeracy gains were sustained.
This suggests that AIPL contributed to long-lasting skill improvements rather than just short-term test
preparation advantages.

6. Analysis of Qualitative Data
A grounded theory method was used to thematically code the qualitative data. Among the main themes
were:

* Perceived Utility: Instructors emphasized the use of dashboards for grouping techniques and diagnostic
findings.

* Student Engagement: Gamified assignments boosted enthusiasm and involvement, particularly among
students in the early grades.

* Implementation Barriers: Typical problems included inadequate equipment, limited electricity, and
difficulties incorporating digital information into curricula that were exam-focused.

 Teacher workload: greater at first because of setup, but lower when instructors learned how to use the
dashboard.

An overview of the data analysis
Strong evidence from the data analysis shows that AIPL greatly enhanced rural pupils' reading and

numeracy, especially for those who performed poorly. The findings were resilient to alternate specifications,
consistent across a variety of analytical techniques, and backed by qualitative information on implementation
and teacher/student experiences.
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Recommendations

1.

2.

7.

Integration with Current Curriculum To guarantee relevance and simple school acceptance, Al-driven
customized learning systems should be in line with state and national curriculum.

Support and Training for Teachers

Programs for ongoing professional development should be created to provide educators the know-
how they need to successfully use Al tools into rural classrooms.

Infrastructure Development

For rural adoption, investments in digital gadgets, reasonably priced internet access, and locally
relevant content are essential. Partnerships between the public and commercial sectors may be quite
important.

Localization of Content To increase accessibility and comprehension, Al platforms have to offer

learning modules in regional languages and dialects.

Data Privacy and Ethics: Policies must guarantee that student data gathered by Al systems is kept
safe, handled sensibly, and subject to explicit consent and privacy rules.

Parental and Community Engagement To foster trust and guarantee the long-term adoption of Al
technologies, parents and community leaders should be included in workshops and awareness
campaigns.

Low-Cost, Scalable Solutions o Prioritize cost-effective Al solutions designed for low-resource
environments, with an emphasis on offline access for places with spotty internet service.

Future Research

1. Longitudinal Studies: Measure the long-term effects of Al-driven tailored learning on rural kids'
reading and numeracy proficiency over a number of years.

2. Comparative Analysis o Examine how well Al learning platforms work in rural areas in comparison
to mixed learning models and conventional teaching techniques.

3. Socio-Cultural Impact o Examine the ways in which Al-driven education affects parental
participation, gender parity, and dropout rates in rural areas.

4. Cognitive and Behavioral Outcomes: Evaluate how Al technologies have improved problem-solving
abilities, critical thinking, and creativity in addition to literacy and numeracy gains.

5. Technology Accessibility o Examine how low-cost gadgets, offline Al systems, and solar-powered
digital learning programs affect underprivileged communities.

6. Policy-Oriented Studies: Analyze how Al-driven education may be incorporated into government
programs like Samagra Shiksha Abhiyan and Digital India for sustainability and scalability.

7. Adaptive Al Models Examine how Al systems may adjust to rural students' varying socioeconomic
backgrounds, learning styles, and limitations.

Conclusion

According to the study, by providing tailored, interesting, and flexible learning experiences, Al-driven
personalized learning holds great promise for enhancing literacy and numeracy among Indian children living
in rural areas. Al platforms have shown encouraging results in closing the gap between urban and rural
education, despite obstacles including infrastructural constraints, teacher preparedness, and language
problems.

According to the findings, a multi-stakeholder strategy including communities, educators, legislators, and
technology providers is necessary for successful implementation. India can accelerate its progress toward
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Sustainable Development Goal 4 (Quality Education) and provide rural students with the fundamental skills
they need for lifelong learning by appropriately utilizing Al.

In the end, incorporating Al into rural education is a revolutionary move toward social inclusion and
educational justice in India, not just a technical advancement.
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