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Abstract— Climate change poses serious challenges to 

agriculture, including an increase in the   frequency and 

severity of extreme weather events that can damage crops and 

vegetables. Rice is not enough. Big data analytics holds 

promise for predicting climate events and managing 

agricultural disasters. This paper presents a data processing 

model that uses big data analytics (DHM-BDA) to investigate 

the role of big data in   agricultural   disaster management and 

inform the current state of affairs in providing good ideas and 

solutions. The DHM-BDA model highlights the importance 

of big data, including its implications for progress and 

development at different levels of climate drivers and   

disaster management. The model improves cost estimation, 

decision-making, information management, productivity and 

risk reduction   compared to other existing methods. 

 

Keywords— Data modeling for change-driven, data 

unpredictability, data management models for processing and 

interoperability, big data analytics (DHM-BDA). 

 

 

I. INTRODUCTION 

Climate change and agricultural disasters pose serious 

challenges to agriculture, including the   frequency and 

intensity of extreme weather events that can cause crop failures 

and food insecurity. Big data analytics holds promise for 

predicting climate events and managing agricultural disasters. 

This paper presents a data processing model that uses big data 

analytics (DHM-BDA) to investigate the role of big data in   

agricultural  disaster management and inform the emergency 

to provide good ideas and solutions. 

Big Data Climate Change and Agriculture: 

Analytics Big data analytics is transforming agriculture, 

enabling farmers to make   decisions from data and increase 

productivity. Let's take a look at how big data impacts many 

aspects of smart agriculture:  

 Augmented Weather Forecasting: Big data models 

analyze large amounts of data to create a very 

realistic atmosphere. This allows farmers to improve 

crop  plans, irrigation strategies and resource 

allocation based on forecasts.  and   early disease. 

This allows for timely intervention and reduction of 

product losses. This information is important to 

promote permaculture practices that reduce 

environmental impact. Changes related to   

agriculture.  

 Early warning: Big data   can predict many 

agricultural disasters such as floods, droughts and 

extreme weather conditions. This enables farmers to 

take precautions and protect their products.   

 Weather analysis: Big data   models help analyze 

historical and current weather patterns. This 

information helps farmers develop contingency 

plans to adapt to climate change.  

 Long-term climate assessment: Large data sets are 

being developed to estimate the potential social, 

economic and geographic impacts of climate change 

actions. This allows for effective strategies to reduce 

future risks. 

1.1.Methodology and rationale  

Big data modeling (DHM-BDA) demonstrates the power of 

big data in   disaster management.  DHM-BDA paves the way 

for efficient use and   disaster management by analyzing big 

data. A data-driven approach allows us to reduce human 

suffering and economic losses associated with agricultural 

disasters. The   effectiveness of the model is clearly linked to 

improved performance in areas such as productivity, risk 

reduction and data management. 

1.2. Big Data for crop management 

Big data analytics has become a powerful tool for crop 

management in changing climate conditions.  to change. Here 

are some key points about how big data impacts crop 

management strategies:  

Adaptability: 

1. Optimizing crop health: Big data analysis helps identify the 

best conditions for specific crops so intervention plans can be 

tailored to growth and yield.  

2. Climate change assessment: Big data assessment enables 

farmers to understand how climate change affects food 

security so they can implement crop protection preventive 

measures.  

3. Real-time crop monitoring: A WebGIS framework 

connects local information about agriculture to provide rapid 

information for informed decision-making.  

4. Weather and soil forecasting: Machine learning models use 

weather and soil data to predict crop yields and resource 

allocation and planning.   

Mitigation measures: 
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1. Monitoring seasonal changes: Big data analytics helps 

track seasonal changes, allowing farmers to adjust their 

practices to achieve good results.  

1.3. Agricultural Climate Risk Assessment and Management  

Effective management of climate change in agriculture 

requires getting information from the road. Here are some 

important points to consider:  

1.Monitoring and forecasting: Large-scale agricultural 

monitoring and crop forecasting are highly dependent on 

analysis of agricultural area, crop type and weather data. This 

regional approach provides a broad overview of risks and 

opportunities.  

2.Risk management and optimization: Climate assessment 

should not focus on the reduction in adverse years. Ideally, 

efforts should also be made to take advantage of good 

weather conditions (average or better than the annual 

average) and improve management practices to increase 

yields. It does not mean only climate events, but all climate 

events and   climate change. This involves integrating 

weather data across different time periods.  

3.Climate Change Scenarios: Long-term predictions of 

climate change. Forecast for   a short period of the season. 

Weather Forecast and Warning Systems: Instant weather 

updates and warnings of upcoming risks. Adjust their 

implementation and finally close the gap at the farm levels.   

 
 

Ⅱ.    LITERATURE REVIEW 

DHM-BDA: Big Data on Disaster Management for 

Agriculture Your research paper on important topics in 

agriculture - use of big data for disaster management. Below 

is the analysis of the main points of the research paper based 

on the data provided: 

1.Agricultural Disasters and Challenges find resources that 

discuss agricultural disasters (drought, flood, insects, etc.) 

and their effects on crops, livestock, and farmers. Data 

volume, heterogeneity, and lack of interoperability standards. 

Big Data in Agriculture Learn how big data analytics is 

changing agriculture. Look for resources that discuss 

applications in areas such as weather forecasting, crop 

forecasting, and disease diagnosis. 

2.Current Disaster Management Systems Describe traditional 

and current systems for agricultural disaster management. 

This will include government intervention, early warning and 

farmer education.  

3.Big Data Disaster Management Learn about disaster 

management involving big data or patterns. Identify their 

strengths and weaknesses in agriculture. Effectiveness 

evaluation Find research evaluating the effectiveness of big 

data-based solutions in disaster management.  

Here are some tips for writing good research papers: Use 

keywords related to your topic, such as "agricultural 

disaster", "basic economic information", "disaster 

management" and "big data". Search peer-reviewed journals, 

reputable research organizations, and government 

publications for reliable information. Products to capture the 

latest advances in big data and disaster management (over the 

last 5-10 years). This will help you understand how the 

DHM-BDA model compares to existing systems. Be sure to 

identify all the sources you used to strengthen your research 

and add new perspective to your thinking. 

 

 

 

 

 

Ⅲ.  SYSTEM ARCHITECTURE AND DESIGN  

Here are the steps and considerations for implementing BDA 

in agriculture: 

1.Data Collection and Preprocessing: 

Gather relevant data from various sources, including weather 

stations, satellite imagery, soil sensors, crop health sensors, 

and historical records. 

Clean and preprocess the data to remove noise, handle 

missing values, and standardize formats. 

2.Feature Extraction and Selection: 

Identify key features related to agricultural disasters. These 

could include weather parameters (temperature, humidity, 

precipitation), soil quality, crop health indices, and livestock 

conditions. 

Use domain knowledge and statistical techniques to select the 

most relevant features. 

3.Model Development: 

Choose appropriate machine learning or statistical models 

based on the problem you want to solve. Some common 

models include: 

outbreaks, or extreme weather events. 

satellite imagery or crop health images. 

-Term Memory (LSTM) Networks: For time-

series data like weather forecasts. 

Train the selected models using historical data. 

4.Real-Time Monitoring and Prediction: 

Deploy the trained models to monitor real-time data streams. 

Continuously update predictions based on incoming data 

(e.g., weather forecasts, sensor readings). 

Detect anomalies or potential disasters (e.g., sudden 

temperature changes, pest outbreaks). 

5.Decision Support System: 

Integrate BDA results into decision-making processes. 

Provide actionable insights to farmers, agricultural extension 

workers, and policymakers. 

Alert stakeholders about impending disasters and recommend 

preventive measures. 

6.Risk Assessment and Mitigation: 

Calculate risk scores based on predicted probabilities of 

disasters. 

Prioritize areas or crops at higher risk. 

Suggest risk mitigation strategies (e.g., adjusting planting 

schedules, using resistant crop varieties). 

7.Recovery and Rebuilding: 

After a disaster, use BDA to assess the extent of damage. 

Plan recovery efforts by analysing data on affected areas, 

crop loss, and livestock impact. 

Optimize resource allocation for re

 
FIG 3.2  System Architecture of Climate Cast 
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1. Central Circle: “Agricultural Disaster Management 

Cycle” 

o This large central circle represents the 

overall cycle of managing agricultural 

disasters. 

o It serves as the core concept around which 

the other components revolve. 

2. Six Smaller Circles (Arranged in a Hexagonal 

Pattern) 

o These smaller circles surround the central 

circle and represent different phases of the 

disaster management process. 

o Clockwise from the top, they are labelled 

as follows: 

 Mitigation: Strategies to reduce 

the impact of disasters before they 

occur. 

 Preparation: Activities to prepare 

for potential disasters (e.g., 

training, resource allocation). 

 Inventory: Keeping track of 

resources, assets, and data 

relevant to disaster management. 

 Recovery: Actions taken after a 

disaster to restore normalcy (e.g., 

rehabilitation, rebuilding). 

 Reconstruction: Long-term 

efforts to rebuild infrastructure 

and systems. 

 Response: Immediate actions 

during and after a disaster. 

3. Lines Connecting the Smaller Circles to the Central 

Circle 

o These lines symbolize the 

interconnectedness of the different phases. 

o They emphasize that disaster management 

is a continuous cycle rather than isolated 

steps. 

4. Larger Circular Band Around the Entire 

Arrangement 

o This outer circular band is divided into 

three sections: 

 Capacity Building: Focusing on 

building skills, knowledge, and 

resources to enhance disaster 

resilience. 

 Restoration: Addressing recovery 

and rebuilding efforts. 

 Pre-Impact: Actions taken before 

a disaster strikes. 

5. Colour Scheme 

o The colours used (shades of green, red, 

blue, and orange) may carry specific 

meanings: 

 Green: Preparedness and 

sustainability. 

 Red: Urgency and response. 

 Blue: Recovery and rebuilding. 

 Orange: Mitigation and risk 

reduction. 

6. Overall Message 

o The diagram emphasizes the importance of 

a holistic approach to agricultural disaster 

management. 

o It highlights the need for proactive 

measures (mitigation, preparation) 

alongside reactive responses (recovery, 

reconstruction). 

o The central “Response” circle underscores 

the critical role of immediate actions 

during a disaster. 

 

 

 
 

 FIG 3.2  BLOCK DIAGRAM OF DHM-BDA 

DHM-BDA (Data Handling Model using Big Data Analytics) 
involves illustrating the sequential steps involved in 
managing agricultural disasters using big data analytics. 
Here's a high-level workflow diagram for DHM-BDA: 

Data Collection: 

Gather relevant data sources including climatic data, 
historical disaster records, crop health indicators, soil 
information, etc. Collect big data from various sources such 
as IoT sensors, satellite imagery, weather stations, 
government databases, etc. 

Data Preprocessing: 

Clean the data to handle missing values, outliers, and 
inconsistencies. Normalize or scale features if necessary. 
Convert categorical variables into numerical representations. 
Merge and integrate data from multiple sources. 

Exploratory Data Analysis (EDA): 

Conduct EDA to understand the distributions, correlations, 
and patterns in the data. Visualize the data using plots, 
histograms, heatmaps, etc. Identify potential relationships 
between predictors and the target variable (agricultural 
disasters). 

Model Building: 

Define a Bayesian model using PyMC3 or another Bayesian 
modeling library. Incorporate predictors such as weather 
variables, soil conditions, crop health indicators, etc. Set 
priors and likelihood functions based on domain knowledge 
and data exploration. 

Training and Evaluation: 

Split the data into training and testing sets. Train the Bayesian 
model using Hamiltonian Monte Carlo (HMC) sampling. 
Evaluate the model's performance on the test set using 
appropriate metrics (e.g., accuracy, precision, recall, F1-
score). 
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Implementation: 

Implement the trained model for disaster prediction and 
decision-making. Use the model to manage data, optimize 
production, and reduce risks in agricultural practices. 
Monitor and analyze real-time data streams for early 
detection of potential disasters. 

Feedback Loop: 

Continuously monitor the model's performance and update it 
as new data becomes available. Incorporate feedback from 
stakeholders and domain experts to improve the model's 
accuracy and usefulness. Adapt the model to changing 
environmental conditions and emerging threats. 

Reporting and Visualization: 

Communicate the results and insights obtained from the 
model to stakeholders, policymakers, and agricultural 
practitioners. Create visualizations and dashboards to present 
key findings and facilitate decision-making. 

Deployment: 

Deploy the DHM-BDA system in production environments 
for real-world use. Integrate the system with existing 
agricultural management platforms and tools. 

Maintenance and Optimization: 

Monitor the performance of the deployed system and address 
any issues or errors. Continuously optimize the system for 
efficiency, scalability, and accuracy. Stay updated with 
advancements in big data analytics and agricultural 
technology to incorporate new techniques and 
methodologies. 

IV.  EXPERIMENT, ANALYSIS AND RESULTS 

We will follow the following steps for the experiment, 

analysis and interpretation of the results of the DHM-BDA 

(Diffusion Hamiltonian Monte Carlo for Bayesian Data 

Analysis) model hypothesis:  

Data collection and processing:  Agricultural damage history 

data, weather data, crop types, soil  data, etc. Collect relevant 

data such as for training and testing.  

Modeling: Define Bayesian models using PyMC or another 

Bayesian modeling library. potential and  hierarchical 

structure in the model.  

Training and testing: Using the HMC to take samples from 

the back and  using diagnostic tools to evaluate the joint. 

Performance of cluster or mean square error for regression 

functions.  

Interpretation and Analysis: Exploring the posterior 

distribution of model parameters to understand uncertainties 

and their effects in agricultural damage estimation. 

Robustness of agricultural damage estimation.  

Presentation of results: Main findings currently including 

model's performance prediction, prediction index and 

interpretation of prediction results. avenues for further 

research or improved modelling. 

 

 
Fig 4.1 Clipping description  

 
Fig 4.2 Training model 

 
Fig 4.3 Model distribution map 

 
Fig 4.4 Estimation 

 

IV.  CONCLUSION 

Big data analytics holds promise for predicting climate events 

and managing agricultural disasters. Compared to other 

existing methods, the DHM-BDA model improves cost 

estimation, decision level, information management, 

productivity and risk reduction. National and regional 

agricultural services need risk information to plan their 

activities and provide timely services to final beneficiaries 

(farmers, nutritionists, etc.). Agricultural services, including 

agricultural research and extension, national weather and 

ocean services,  local community agencies (like agricultural 

cooperatives), and the private sector (like business 

consultants, seed companies, etc.) are all good at helping 

customers engage. Support. Addressing climate risks requires 

urgent attention from the climate and agriculture 

communities in many areas, including climate monitoring 

and data collection  in remote cities to be effective and 

provide the information needed by research and the 

development of  climate risk management decision making. 

support systems. 

 

 

 

 

 

 

 

 

 

 

http://www.ijcrt.org/


www.ijcrt.org                                                          © 2024 IJCRT | Volume 12, Issue 5 May 2024 | ISSN: 2320-2882 

IJCRT2405547 International Journal of Creative Research Thoughts (IJCRT) www.ijcrt.org f111 
 

 REFERENCES 

[1] M. Abdel-Basset et al., "Evaluation framework for smart disaster 

response systems in uncertainty environment," Mech. Syst. Signal 

Process., 2020. 

[2] F. Al-Turjman, "Cognitive routing protocol for disaster-inspired internet 

of things," Future Generat. Comput. Syst., 2019. 

[3] M. Dai et al., "Assessing agricultural drought risk and its dynamic 

evolution characteristics," Agric. Water Manag., 2020. 

[4] E. Ever et al., "Performance evaluation of hybrid disaster recovery 
framework with D2D communications," Comput. Commun., 2020. 

[5] P. Feng et al., "Machine learning-based integration of remotely-sensed 
drought factors can improve the estimation of agricultural drought in 

South-Eastern Australia," Agric. Syst., 2019. 

[6] J. Guo et al., "A new economic loss assessment system for urban severe 
rainfall and flooding disasters based on big data fusion," Environ. Res., 

2020. 

[7] E.D. Lioutas et al., "Key questions on the use of big data in farming: an 

activity theory approach," NJAS - Wageningen J. Life Sci., 2019. 

[8] Y. Liu et al., "Integrated risk assessment for agricultural drought and 

flood disasters based on entropy information diffusion theory in the 

middle and lower reaches of the Yangtze River, China," Int. J. Disaster 
Risk Reduc., 2019. 

[9] D. Liu et al., "A resilience evaluation method for a combined regional 

agricultural water and soil resource system based on Weighted 
Mahalanobis distance and a Gray-TOPSIS model," J. Clean. Prod., 

2019. 

[10] G. Manogaran et al., "Spatial cumulative sum algorithm with big data 

analytics for climate change detection," Comput. Electr. Eng., 2018. 

[11] G. Manogaran et al., "In-Mapper combiner based MapReduce algorithm 
for processing of big climate data," Future Generat. Comput. Syst., 

2018. 

[12] X. Nie et al., "Big data analytics and IoT in operation safety 

management in underwater management," Comput. Commun., 2020. 

 

 

http://www.ijcrt.org/

