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Abstract:  Music recommendation systems play a crucial role in today's digital music era, helping users discover new music based 

on their preferences. In recent years, Convolutional Neural Networks (CNN) have gained popularity in various domains due to their 

ability to capture hierarchical and local features from data. This survey paper provides an overview of personalized music 

recommendation systems using CNN, including a literature review of existing approaches, a detailed explanation of CNN, dataset 

and feature extraction, CNN-based music recommendation approaches, evaluation metrics and experimental results, challenges, 

future directions, and conclusion. The survey highlights the potential of CNN in enhancing the accuracy and effectiveness of 

personalized music recommendation systems and identifies areas for future research. 
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I. INTRODUCTION 

Music is an integral part of people's lives, and with the advent of technology, music is more accessible than ever before. Streaming 

services like Spotify, Apple Music, and Pandora have millions of users worldwide, and they all use music recommendation systems 

to suggest new music to their users. These systems use various techniques like collaborative filtering, content-based filtering, and 

hybrid models to recommend music. 

 

In this paper, we propose a music recommendation system based on convolutional neural networks (CNNs) that can personalize 

music recommendations for individual users.With the exponential growth of digital music, music recommendation systems have 

become a key component of many music streaming platforms. These systems analyze users' listening behaviors, preferences, and 

other contextual information to provide personalized recommendations and enhance user engagement. 

 

Among the various techniques used for music recommendation, Convolutional Neural Networks (CNN) have shown promise in 

capturing relevant features from music data due to their ability to learn hierarchical and local patterns. In this survey, we provide an 

overview of personalized music recommendation systems using CNN, including their architecture, input representations, training 

strategies, and evaluation metrics. 

 

II. LITERATURE REVIEW 

Personalized music recommendation systems using convolutional neural networks (CNNs) have recently gained attention due to 

their ability to extract and learn meaningful audio features that can be used to recommend music. CNNs are a type of deep learning 

neural network that can identify patterns and features in audio data. 

 

Previous studies have shown the effectiveness of CNNs in music recommendation tasks. For example, Dieleman et al. (2011) 

proposed a content-based music recommendation system that uses CNNs to extract and learn features from the audio spectrogram. 

The system achieved state-of-the-art performance on a large music dataset. 

 

Many studies have since followed this approach, and researchers have explored various ways to improve personalized music 

recommendation using CNNs. For instance, researchers have proposed hybrid models that combine collaborative filtering and CNN-

based content-based approaches to provide more accurate and diverse recommendations. Zhang et al. (2018) proposed a hybrid 

CNN-based music recommendation system that combines user listening history with audio features to improve recommendation 

accuracy. 
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One of the main challenges faced by CNN-based music recommendation systems is the availability of large labeled datasets. To 

address this challenge, researchers have explored transfer learning approaches that leverage pre-trained models on large datasets. 

For instance, Van den Oord et al. (2013) proposed a transfer learning approach that uses a pre-trained CNN model to extract audio 

features from a smaller dataset, achieving state-of-the-art performance. 

 

Another challenge faced by CNN-based music recommendation systems is the cold-start problem. To address this, researchers have 

explored various techniques, including using demographic data, contextual information, and active learning. For instance, Wang et 

al. (2021) proposed a CNN-based music recommendation system that combines demographic data with audio features to address 

the cold-start problem. 

 

In conclusion, personalized music recommendation systems using CNNs have shown great promise in providing accurate and 

diverse music recommendations. Previous studies have explored various approaches, including hybrid models and transfer learning, 

to improve recommendation accuracy. Nonetheless, challenges such as the availability of labeled datasets and the cold-start problem 

need to be addressed for these systems to be widely adopted. 

 

III. EASE OF USE 

With the rise of music streaming services and digital music libraries, there is a vast amount of music data available for analysis. This 

provides an opportunity for personalized music recommendation systems to learn from the user's listening history and preferences 

and provide personalized recommendations.With the advancements in machine learning and deep learning techniques, personalized 

music recommendation systems using CNNs can effectively analyze and learn from large amounts of data to provide accurate and 

relevant recommendations.By providing personalized recommendations, these systems can enhance the user's music listening 

experience, making it easier and more enjoyable to discover and listen to new music.The recommendation system is integrated with 

popular music services such as Spotify or Apple Music to provide a seamless experience for users. 

 

IV. PROPOSED METHODOLOGY 

The proposed methodology for the development of Personalized Music Recommendation System Using CNN can be divided into 

several stages. 

1.Planning and Design: Identify the scope and requirements of the project. Determine the data sources and data preprocessing 

techniques required for the system. Choose the appropriate deep learning model architecture, such as a CNN, and optimize the 

hyperparameters of the model. Develop a user interface for the recommendation system.  

2.Development: Collect and preprocess music data for the recommendation system. Train the deep learning model using the 

preprocessed data. Implement the user interface for the recommendation system. Integrate the deep learning model with the user 

interface. 

3.Testing: Test the system to ensure that it provides accurate and relevant music recommendations for users. Perform unit testing, 

integration testing, and system testing. Address any issues and refine the system as necessary. 

4.Deployment: Deploy the system to a production environment, such as a web application or mobile app. Optimize the system for 

scalability and performance. Provide training and support for users. 

5.Maintenance: Monitor the system to ensure that it continues to provide accurate and relevant music recommendations. Address any 

issues or bugs that arise. Refine the system as necessary based on user feedback and changing requirements. 

 

V. PROJECT CONCEPT 

The system will be designed to collect user photos and use them to extract visual features, such as color palettes, texture, and 

composition. These visual features will then be used to train a CNN model, which will learn to associate visual preferences with 

specific genres, moods, and musical characteristics. The user interface will allow users to upload photos and view personalized music 

recommendations based on their visual preferences. The interface may also allow users to provide feedback on the recommendations 

and refine their preferences over time. The project will involve several stages, including data collection and preprocessing, model 

selection and optimization, user interface development, testing and validation, and deployment and maintenance. The system will be 

tested to ensure that it provides accurate and relevant music recommendations based on visual preferences and meets the requirements 

and specifications of the project.  

Overall, the project concept for a personalized music recommendation system using CNN that incorporates user photos involves 

leveraging computer vision and deep learning techniques to provide personalized recommendations based on visual preferences, with 

a user-friendly interface that allows for easy interaction and feedback. 

 

5.1 About the Platform 

The platform for a personalized music recommendation system using CNN encompasses a combination of backend infrastructure, 

machine learning models, and frontend interfaces to deliver a seamless and engaging user experience. On the backend, the platform 

requires robust infrastructure for data storage, retrieval, and processing. This includes a database to store music metadata, user 

profiles, and interaction data. The backend system integrates with the CNN model, responsible for extracting audio features from 

music samples. The model is trained using large-scale music datasets, allowing it to learn patterns and relationships between songs 

and user preferences.The personalized recommendation system relies on user profiling and recommendation algorithms. User 

profiling captures individual preferences, including music genres, artists, and historical listening behavior. Recommendation 

algorithms leverage the extracted audio features and user profiles to generate personalized music recommendations. These algorithms 

take into account various factors such as mood, tempo, and genre preferences to provide accurate and diverse recommendations.On 

the frontend, the platform presents an intuitive and user-friendly interface for users to interact with the system. This includes features 

such as search functionality, playlist creation, and personalized recommendations. The frontend interface enables users to explore 

and discover music that aligns with their preferences and current mood. It may also incorporate user feedback mechanisms, allowing 

http://www.ijcrt.org/


www.ijcrt.org                                                            © 2023 IJCRT | Volume 11, Issue 5 May 2023 | ISSN: 2320-2882 

IJCRT2305697 International Journal of Creative Research Thoughts (IJCRT) www.ijcrt.org f778 
 

users to provide ratings or provide explicit feedback on recommended songs.The platform should be designed to handle scalability, 

as it needs to accommodate a growing user base and increasing amounts of music data. It should also ensure data privacy and security, 

adhering to relevant regulations such as GDPR or CCPA to protect user information.Overall, the platform for a personalized music 

recommendation system using CNN combines backend infrastructure, machine learning models, and a user-friendly frontend 

interface to deliver a personalized and engaging music discovery experience to users. 

 

VI. CONCLUSION AND FUTURE PLANS 

 

Enhancing the deep learning model: One future plan is to continue refining the CNN model used in the system. This could involve 

experimenting with different architectures, optimizing hyperparameters, and incorporating other deep learning techniques, such as 

recurrent neural networks (RNNs) or attention mechanisms. 

Incorporating additional data sources: Another future plan is to incorporate additional data sources into the system. This could include 

data from social media platforms or other online sources, such as reviews, ratings, or user-generated content. This additional data 

could be used to further personalize recommendations and improve the overall accuracy of the system. 

Expanding the user interface: A future plan is to expand the user interface to include additional features and functionality. For 

example, the interface could allow users to create and share playlists, view recommended concerts or events, or discover new artists 

and genres. 

Implementing real-time recommendation: Another future plan is to implement real-time recommendation, where the system would 

continually analyze the user's listening behavior and preferences to provide dynamic and personalized recommendations in real-time. 

Collaboration with music streaming services: A potential future plan is to collaborate with music streaming services such as Spotify 

or Apple Music to integrate the personalized music recommendation system into their platforms. This could potentially reach a wider 

audience and provide a seamless and integrated experience for users. 

In conclusion, a personalized music recommendation system using CNN can be a powerful tool for providing users with music 

recommendations that are tailored to their individual preferences. By leveraging computer vision techniques and deep learning 

models, the system can analyze both visual and auditory data to provide highly personalized recommendations based on a user's 

listening history and visual preferences. 

The project concept outlined for a personalized music recommendation system using CNN that incorporates user photos involves 

several stages, including data collection and preprocessing, model selection and optimization, user interface development, testing and 

validation, and deployment and maintenance. By following a rigorous methodology and carefully designing and testing the system, 

it is possible to build a highly accurate and effective recommendation system. 

The benefits of such a system are clear, as it can help users discover new music that they are likely to enjoy, while also enhancing 

the overall listening experience. By incorporating additional features and expanding the user interface, it is possible to provide a more 

engaging and interactive experience for users, further increasing the value and utility of the system. 
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