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Abstract: The need to recognize main talents in the business is well recognized in IT sectors of the economy. The purpose of the paper is, 

therefore, to identify the main factors contributing to the recognition and internalization of talent by competency modeling on the basis of an 

overview of competence. The paper describes areas of the required competencies for particular job positions in companies. Their targeting of 

employees and talent management teams is revealed by the use of artificial intelligence. The goal is to evaluate the primary survey performed 

by IT firms. Data were obtained through surveys conducted by a single employee representing their company. On the basis of statistical analyzes 

of the necessary competencies, five factors characterizing the field of the main employee and team growth have been identified. Such 

considerations include inclusive strategy, management support, strategic development, leadership growth and honesty. The resulting factors lead 

to the development of competency models that can be used in defined job positions using AI. The paper restrictions are specifically based on 

companies in the primary sector. The results can help surveyed companies in the primary sector to determine the required and appropriate 

competencies for specific areas to identify and grow staff, talents and teams. 
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I.  INTRODUCTION 

Organizational researchers and practitioners have experienced a boom in artificial intelligence (AI) and machine learning (ML) products 

provided by start-up companies and test vendors in recent years[3]. These products promise improved workforce evaluation and HR productivity 

improvements by customized recruiting approaches, large-scale candidate monitoring, and perhaps most importantly, quicker and more efficient 

recruiting and hiring. Only a cursory Internet search for "artificial intelligence in hiring" yields phrases such as "shorter amount of time to 

question," "facilitate selection," and "goodbye, traditional recruitment[4]."  

Obviously, these advantages apply to organizations. Technological change, lower unemployment, innovation, rapid technological 

developments in facilities and other factors have given rise to rivalry among highly skilled employment-seekers[3]. Through refusing to 

implement AI / ML, companies may be afraid that they may fall behind their competitors. Nevertheless, the "quicker" identification of talent is 

not equal to "better" identification of talent. What do we know how and to what degree AI / ML systems are more effective in finding and 

obtaining talent than conventional methods of placement? Organizations creating AI / ML-based selection methods have begun to obtain advice 

from professionals to tackle this problem. We encourage such collaborations: increased feedback and advice from researchers — whose skills 

lie in the philosophy of research and the place of work — may help avoid or prevent litigation and other side effects to AI / ML from the 

population, press, and political officials[9].  

Talent selection includes a variety of practices related to the area of human resources. Talent selection is considered to be a tool that 

enables companies to address the needs associated with increased competitiveness[6]. Effective and productive talent management demands that 

it be embedded in a variety of other HR processes and functions related to performance, training and development[1]. There are a variety of 

approaches to handling and cultivating talent. Nevertheless, there is a lack of honesty in its implementation[11]. Therefore, the paper focuses on 

the recognition of abilities thru competencies. Skill management and the need to focus on workforce growth and skill creation are being applied 

to the IT industry. As a result, this paper focuses on staff performance through competency models and talent management in IT businesses[12]. 

II. LITERATURE REVIEW 

Richa Verma andSrinivas Bandi, “ Artificial Intelligence & Human Resource Management in Indian It Sector” – SSNR Elsevier This 

paper addresses the application of artificial intelligence in human capital due to technical progress in the IT field. Nearly all businesses use 

artificial intelligence to increase the productivity of human capital in the IT field. The program starts with an electronic recruiting process up to 

the success evaluation of the workers. Organizational executives and human resource administrators agree that integrating artificial intelligence 

(AI) with HR tasks such as on-boarding and profit management will and must improve overall workplace engagement. They had address all the 

points of view in this post, because people consider artificial intelligence as a bonus and a challenge to their work. Any of the top corporations 
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have been examined as a guide to artificial intelligence for our research. In the present business situation, and have concentrated on the problems 

and drawbacks of artificial intelligence. The research would also include a concise overview of the future vision of artificial intelligence[2]. 

 

Jaehun Lee, Taewon Suh, Daniel Roy and Melissa Baucus, “Emerging Technology and Business Model Innovation: The Case of 

Artificial Intelligence” - Open Innov. Technol. Mark. Complex. 2019, Artificial Intelligence (AI) has transformed markets as shown by Airbnb, 

Uber and other businesses who have welcomed its use in the introduction of revolutionary digital business models. Yet we may not truly grasp 

how this new and fast-moving technology affects business model creativity. While other businesses are made vulnerable to emerging entrants 

armed with AI technology, this study aims to focus on the constructive use of AI technology to accelerate business model growth. Referencing 

AI technologies as a catalyst for business model innovation, this research focuses on the conditional factors that form business model 

advancement driven by emerging technologies. This analysis first offers a short description of AI, the latest problems being discussed in evolving 

AI, and discusses how it changes market models[3]. 

 

Lisbeth Claus “HR disruption----Time already to reinvent talent management” - 2019 ACEDE Elseveir, Rapid developments in 

population, technologies and globalization have important global consequences for jobs and staff. The new background is also affecting talent 

acquisition as it has been known over the past two decades. Progressive businesses in all industries recognize that their workforce acquisition 

strategies no longer fulfill the demands of their workers. Rather, employers center their efforts on building positive workplace experience in 

order to recruit and grow the talent they need. A new wave of talent management professionals is building an HR platform that  incorporates 

other management systems such as strategic thinking, agile management, behavioural economics and analytics to improve their HR expertise. 

Organizations would not be able to re-invent their current talent management processes in a viable way until they expand the talent management 

dialogue[1]. 
 
III. RECOGNITION AND INSTITUTIONALIZATION OF TALENT THROUGH SKILL MODELS 

Methods that are tightly interlinked with topics related to talent management. That includes the recruiting of workers and their 

assignment or initiation of work, and introduction of new workers. Likewise, mentoring, success improvement, job growth or advancement of 

executives, job preparation and appreciation and remuneration problems that workers earn in exchange for their jobs cannot be ignored. The 

entire cycle starts with job preparation, which is directly related to the organization's marketing strategy. This initial phase is followed by the 

recruiting process, i.e. the examination and screening of eligible candidates[4]. This is accompanied by an integration phase that is structured to 

make it easy for workers to reach a new workplace. The fourth stage includes performance improvement where the strategic strategy often plays 

a key role; the strategies for assessing and controlling employee performance are decided on the basis of the strategy[12]. The establishment of 

prerequisites for the advancement of workers is a very significant factor, as it typically results in the enhancement of their overall capacity[1]. 

Effective preparation is a sixth step. It is self-evident that each company is constantly evolving due to external and internal circumstances and it 

is thus important to determine the best person for each job. Remuneration and incentives are an integral aspect of the workforce evaluation 

process and can represent both the success of staff and the goals of the company. The final stage includes an overview of the vital skills 

deficiencies in which the positions and qualifications required to meet the overall talent acquisition plan are established. As described in the 

theoretical context, numerous studies have been undertaken based on expertise in business development and leadership abilities, but their 

assessment, impact and effect on talent management have not yet been studied. Thus, this study reflects on the definition of core competencies 

and their categorical imperatives influences to help research with IT talents. The variables found would be used to build basic intelligence 

systems that can be applied in defined work roles[11].  

 
IV. MODELS AND MATERIALS 

The study was based on a review of data, a comparison of findings and an interpretation of the outcomes of primary studies. Data is 

derived primarily from sources, and our study and debate is related to the interpretation of findings and the comparison of academic research 

findings. A number of terms for talent acquisition, schooling, preparation, learning, growth, success and similar others have been used to catch 

all related studies[3]. Study is concise and analytical in nature since primary data is gathered using the survey approach by means of truth-finding 

methods such as questionnaires and interviews. 
 
V. DATA SAMPLE 

Each portion of the paper analyzes and discusses the findings of the primary sample. Statistics for the assessment of the existing 

operating firms have been obtained in the main longitudinal sample by means of a questionnaire inquiry. The questionnaire was performed on 

behalf of the company by the respondent occupying a prominent role. More than 400 employees from different IT firms were contacted to fill 

up data out of that 52 sent valid data and was accepted to use in this sample data. The questionnaires based on the fields of talent acquisition and 

its application in the enterprise, the interpretation of the talent system by staff and the nature of the talent plan in the company. The main section 

of the questionnaire concentrated on talented workers and the recognition of talents in the organization, including the required skills included in 

the company and on particular work positions. On the basis of these findings, the general information on talent acquisition in the studied 

companies was gathered and the competencies relevant to particular work positions were categorized. The considerations listed in the Result 

section were the pooled competencies for developing an expertise model for different work positions in the studied businesses. 
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VI. PROCESSING KNOWLEDGE 

The primary data are analyzed using descriptive statistics. The following methods have been used in the context of correlation 

coefficients: absolute and relative frequency, correlation analysis and interaction. In addition, the dependency on qualitative features was checked 

for the clarification and further interpretation of the data collected. More analyzes is based on the complex statistical – factor analysis process. 

The Kaiser Guttman rule was used to isolate the final number of production variables. These parameters were used for further study, the variance 

of which was greater than 1.0. That value was selected rationally since the explanatory element would have at least the same value as the initial 

standardized determining factor. 

 

Table 6.1: The application of expertise in the production of core talent 

Expertise Absolute Frequency Relative Frequency 

Performance 52 62.9%% 

Capability 40 76.9% 

Flow 48 92.3% 

creativity 15 28.8% 

Professionalism 8 15.4% 

teamwork 12 23.1% 

Leadership 51 98.1% 

Expert skills 51 98.1% 

Readiness to broaden boundaries 44 84.6% 

Reading to know 42 80.8% 

Development potential 41 78.8% 

Positive behavior 47 90.4% 

Moral work 10 19.2% 

Self determination 52 100% 

Self-control 34 65.4% 

Ability to maintain performance 33 63.5% 

Ability to make decisions 51 98.1% 

Reliability 48 92.3% 

Strategic thinking 50 96.2% 

Focus on the client 44 84.6% 

Motivation 48 92.3% 

Commitment to mission of the 

company 

48 92.3% 

None of them is used 0 0 

Total 52 - 

 
VII. FINAL OUTCOME 

The chapter discusses the findings of a report on the recognition of talents and their primary competencies. 

A. Core Human services Competencies in IT Industry 

To order to define the competencies required to cultivate key skills, the members of the IT firms participating in the study were asked 

to list the competencies that they considered as important to their workers and which, in their view, required to be improved. The most frequently 

listed ones included Expert skills and Leadership, ability to make decisions (98.1 %), and strategic thinking (96.2 %). 

 

B. Competency modelling as talent identification 

Correlation analysis and factor analysis were used to assess whether there was a relationship between various competencies and whether 

these relationships formed clusters. Since the former showed that there was a substantial association between the competences analyzed, the 

evidence it generated was eventually used in multidimensional statistical approaches. Table II below shows the major factors that fulfill the 

relevant methodological criteria that are based on the assessment of the computed data. With regard to the overall medium to heavy dependences 

between variables, built for survey on the basis of their specific use in the project, statistically significant factors were supposed to be found. The 

correlation coefficients of the variables used for factor analysis were optimally high to provide meaningful results using the Varimax rotation 

process. Outputs given by the study reveal that competencies can be grouped into 5 variables that describe 46% of overall build behaviour. Table 

II displays the importance of each of the evaluated variables as a percentage, as well as their overall number. As seen in Table III, the 

competencies are interlinked and form clusters that can be used to classify the predominant interest and attributes of entities within the IT 

industry. 

 

 

 

 

 

 

 

http://www.ijcrt.org/


www.ijcrt.org                                                                               © 2020 IJCRT | Volume 8, Issue 4 April 2020 | ISSN: 2320-2882 

IJCRT2004376 International Journal of Creative Research Thoughts (IJCRT) www.ijcrt.org 2674 
 

Table 7.1: The application of expertise in the production of core talent 

Factor Total Variance % Variance Cummulative Variance 

1 6.4 29 29 

2 2.0 9 37 

3 1.5 7 40 

4 1.4 7 45 

5 1.2 6 51 

 
Table 7.2: Results of study of the element 

Variable Factor 1 Factor 2 Factor 3 Factor 4 Factor 5 

Performance 0.321 0.079 0.362 0.482 -0.071 

Capability 0.469 -0.147 0.064 0.186 0.080 

Flow 0.026 0.311 0.134 -0.011 0.180 

creativity 0.007 -0.105 0.315 0.334 0.550 

Professionalism -0.036 0.178 0.069 -0.180 0.724 

teamwork 0.500 0.227 0.244 0.201 0.389 

Leadership 0.084 0.178 -0.74 0.806 0.215 

Expert skills 0.084 0.178 -0.74 0.806 0.215 

Readiness to broaden 

boundaries 

0.084 0.178 -0.74 0.806 0.215 

Reading to know 0.658 0.154 0.169 0.228 -0.156 

Development potential 0.157 0.052 0.792 -0.037 0.159 

Positive behavior 0.469 0.369 0.519 0.061 0.098 

Moral work 0.738 0.121 -0.015 -0.081 0.091 

Self determination 0.726 0.273 -0.055 0.047 -0.010 

Self-control 0.279 0.776 0.052 0.057 0.253 

Ability to maintain 

performance 

-0.055 0.679 0.246 0.119 0.003 

Ability to make decisions 0.300 0.708 -0.005 0.207 0.145 

Reliability 0.771 0.160 0.178 0.131 -0.073 

Strategic thinking 0.119 0.271 0.134 0.304 0.695 

Focus on the client 0.199 0.623 0.399 0.055 0.018 

Motivation 0.102 0.177 0.613 0.038 0.129 

Commitment to mission of the 

company 

0.001 0.168 0.602 0.309 0.041 

Full number of variances 28 9 7 7 6 

Factor’s Name Expert 

skills 

Leadership ability to 

make 

decisions 

strategic 

thinking 

Reliability 

Competence Model Technology 

Inclusive 

Aid for 

managers 

Production 

of 

management 

Strategic 

development 

Interconnection 

between 

individuals and 

business 

 
When looking at the resultant considerations, it is important to easily define both the emphasis on quality for all workers (Factor 1, 

which is representative of success and personal agreements for jobs, productivity, flexibility and growth – this can be viewed as an holistic 

approach) and the different fields where each company requires to be able to work. As for Factor 2, it describes a category containing the optimal 

decision-making ability, focus on one's task, self-control and achievement of outcomes, i.e. the proposal-making stage of the organization. A 

further cluster of competencies, Element 3, focuses on ongoing growth, inspiration for new solutions and commitment towards business success 

and mission. Factor 4 consists of organizational competencies focused on tactics and the organization as a whole. Factor 5 is a network of 

competences that concentrate on integrating individuals and getting them committed to the enterprise. While focusing at the exposed influences, 

it is important to identify their basic structure and clarify how they are shaped within the organization and how they affect the product. As seen 

in Table III, the competency model most commonly adopted by the organizations involved in the study is comprehensive, i.e. one of workers 

growth, irrespective of their role or position. The five considerations listed above can be assumed to be aspects that the organizations participating 

in the study pay more attention to when recruiting, teaching and preparing their staff. This can be inferred that all established solutions to the 

pooling of competencies rely on the creation of strategically relevant personnel. Clusters of competencies should be seen specifically as a 

blueprint for the purpose of defining and promoting specific classes of workers and directing their growth in a positive way, including the creation 

of an organization in Areas under which the persons in discussion are delegated to or working. 
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VIII. CONCLUSION 

The field of recognition and development of key personnel or talent is an important component of effective technology-based HR 

management activities. Therefore, the paper focuses on areas that are critical to the recognition of talents through their unique competencies for 

their productive growth. Using statistical analysis methods, five factors have been identified that characterize the areas of key competency models 

of groups and individuals according to the required competencies. This include: the development of promising individuals, support for executives, 

development of future entrepreneurs, support for leaders, and people-to-business ties. All described competency models promote the production 

of strategically critical staff. The clusters of competencies should be used specifically to classify and assist specific classes of workers and to 

guide their growth in a suitable way, including the creation of an organization in fields within which the people involved are allocated or work.  
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