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Abstract

In the era of digital transformation, Artificial Intelligence (AI) has emerged as a key driver of organizational
competitiveness, agility, and innovation. While there has been extensive research on the incorporation of Al
in advanced economies, its strategic implications in emerging economies have been relatively less explored.
This study examines how Al-enabled systems can improve strategic decision-making, operational agility,
and innovation outcomes, particularly for organizations in India and similar emerging markets. Using a
mixed-method research design, the study combines quantitative data from managerial respondents and
qualitative insights from four digitally transformed organizations. The qualitative research findings also
indicate that Al-enabled organizations are able to respond faster to market changes, are more efficient in
knowledge management, and have stronger coordination across departments. The research findings suggest
that organizations that strategically align Al initiatives with their business goals are able to adapt quickly to
market volatility and achieve sustainable competitive advantage. Overall, the study concludes that in
emerging economies that suffer from limited resources and infrastructure constraints, Al serves as an
important strategic tool for process transformation and innovation-driven growth. The article calls on
policymakers and business leaders to enhance digital competitiveness by implementing Al-enabled learning
systems, leadership development, and building robust information infrastructure.

Keywords: Artificial Intelligence, Digital Transformation, Organizational Agility, Innovation, Emerging
Economies, Strategic Management.
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1. Introduction

The global economy is undergoing a paradigm shift driven by Artificial Intelligence (Al) and digital
transformation. Al is now established as not just a technological tool, but a strategic capability that is
redefining the way organizations compete, innovate, and adapt to a changing environment. In emerging
economies like India, Brazil, and Indonesia, where technological infrastructure is still developing, Al
adoption is reshaping core business functions such as human resource management, supply chain, and
marketing. Organizational agility the ability to quickly perceive, respond to, and adapt to change has become
a critical determinant of success in today’s volatile marketplace. Similarly, innovation the ability to generate
and implement new ideas is increasingly facilitated by Al, particularly through automation, predictive
analytics, and intelligent decision-support systems. Integrating Al into business strategy allows organizations
to extract actionable insights from big data, ensure optimal utilization of resources, and improve customer
engagement. While there is a wealth of research in the context of developed countries, there is still a
significant research gap on how Al impacts agility and innovation in emerging economies. These economies
face unique challenges such as infrastructure constraints, a lack of skilled labour, and policy uncertainty. To
address this gap, the current study analyses how Al contributes to organizational transformation in emerging
economies, with a particular focus on strategic leadership and data-driven decision-making. Using a dual-
method approach a quantitative survey and qualitative case study this study presents empirical evidence on
the impact of Al on organizational performance. The results not only enrich the theoretical understanding of
Al in strategic management, but also provide actionable insights for policymakers and practitioners that will
help them build stronger, more innovative organizations.

II. Literature Review

The literature on artificial intelligence (Al) and digital transformation has grown exponentially over the past
decade. Early studies (Brynjolfsson & McAfee, 2017; Davenport, 2018) established Al as a driver of
productivity and decision-making efficiency. Later studies by Westerman et al. (2019) and Bresciani et al.
(2021) linked AI to strategic agility arguing that digital tools increase organizations’ responsiveness to
change. However, research in this area is still fragmented in the context of emerging economies. Mishra and
Sinha (2020) analysed the barriers to AI adoption in their study, where lack of information, infrastructure
constraints, and lack of workforce readiness were identified as the main issues. Onthe other hand, Jha and
Agarwal (2022) showed in their study that Al plays a positive role in increasing open innovation and inter-
organizational collaboration. Studies related to human resource management (Parry & Battista, 2019) and
marketing (Chatterjee et al., 2021) also demonstrate that Al increases the accuracy of predictive hiring and
customer targeting, which helps improve measurable business performance. Dynamic Capabilities Theory
(Teece, 2014) provides a relevant framework, suggesting that Al enhances an organization's ability to
integrate, structure, and reorganize its internal capabilities in response to a changing environment. Similarly,
the Resource-Based View (RBV) (Barney, 1991) theory suggests that Al-related capabilities can act as
strategic resources that, when properly applied, provide organizations with lasting competitive advantage.
However, there is still a knowledge gap in understanding how Al-driven agility and innovation unfold in
resource-constrained environments such as emerging economies. Therefore, this study contributes to filling
that gap by empirically analysing how Al impacts the strategic flexibility and innovation outcomes of
organizations operating in such environments.

III. Objectives of the Study

1. To examine the relationship between Artificial Intelligence adoption and organizational agility.

2. To evaluate the influence of Al-driven systems on innovation performance in emerging economies.
3. To analyse the role of leadership and digital strategy alignment in Al-enabled transformation.

4. To identify challenges and enablers of Al integration across different business functions.

IJCRT2510436 \ International Journal of Creative Research Thoughts (IJCRT) www.ijcrt.org \ d647


http://www.ijcrt.org/

www.ijcrt.org © 2025 IJCRT | Volume 13, Issue 10 October 2025 | ISSN: 2320-2882

IV. Need for the Study

Emerging economies are at a critical juncture where traditional business models are no longer sufficient to
compete on a global scale. Despite rapid technological advancements, many organizations are failing to
strategically leverage Al for transformation. There is therefore an urgent need to understand how Al
contributes not only to automation, but also to increasing strategic agility and innovation capability. The
COVID-19 pandemic has accelerated digital adoption and highlighted the need for flexible, Al-enabled
systems that can adapt to rapid change. Policymakers and business leaders in emerging regions often lack
informed insights into the organizational impact of Al. This study provides empirical evidence and a practical
roadmap for integrating Al into strategic planning and innovation frameworks.

V. Hypotheses

H1: Al adoption has a significant positive impact on organizational agility.

H2: Al adoption positively influences innovation performance.

H3: Leadership commitment moderates the relationship between Al adoption and organizational agility.

H4: Digital infrastructure mediates the effect of Al adoption on innovation outcomes.

VI. Research Methodology

A mixed-method approach was adopted quantitative (survey) and qualitative (case study), Reports.
managers from manufacturing, service, and IT sectors across India, Bangladesh, and Vietnam participated.
Structured questionnaire using a 5-point Likert scale (1 = Strongly Disagree to 5 = Strongly Agree).

Al Adoption, Organizational Agility, Innovation Performance, Leadership Commitment.

SPSS 26.0 used for correlation, regression, and reliability analysis (Cronbach’s o =0.84).

VII. Data Collection

Al Adoption | Agility Innovation
Country Respondents | Sector Level Score Score
(Mean) (Mean) (Mean)
. IT &
India 50 Manufacturing 4.2 4.0 3.9
Bangladesh | 35 Services 3.6 35 34
: Manufacturing
Vietnam 35 & EinTech 3.8 3.7 3.6
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Descriptive Statistics Table 1

Variable Mean Std. Deviation N
Al Adoption 3.9 0.45 120
Orgqnlzatlonal 38 0.50 120
Agility
Innovation 3.7 0.52 120
Performance
Leadership 4.0 0.43 120
Commitment
Correlation Matrix Table 2
Variable Al Adoption Agility Innovation Leadership
Al Adoption 1 0.72%%* 0.68** 0.55%*
Agility 0.72%* 1 0.65%* 0.48%*
Innovation 0.68** 0.65** 1 0.50**
Leadership 0.55%%* 0.48%** 0.50%* 1
NOTE: (**) indicates p < 0.01 (highly significant)
Regression Analysis Table 3
Dependent Independent i i )
Variable Variable Eeta e Bl B
Agility Al Adoption | 0.71 6.25 <0.01 0.51
Innovation Al Adoption | 0.66 5.85 <0.05 0.48
- Al Adoption
Agility + Leadership 0.74 6.50 <0.01 0.55
Interpretation:

Al adoption strongly predicts agility and innovation.

Leadership commitment strengthens the relationship (moderating effect).

Digital infrastructure mediates the adoption — innovation path.
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Case Study Synthesis Table 4

Company Country Al Application Key Outcome
. . Recruitment
Infosys India HR analytics efficiency +20%
Tata Steel India Pre_dlctlve Downtime -18%
maintenance
FPT Tech Vietnam Process automation Delivery time -15%
Hungarian IT Firm Hungary Predictive analytics Project success +22%

In my table context

For example, in my correlation table:

Al Adoption - Agility - 0.72

The 0.72 correlation has p < 0.01, meaning:

There is a strong positive correlation between Al adoption and agility.

The probability that this correlation occurred by chance is less than 1%, so we can confidently say it is
significant

regression table

Dependent Independent

Variable Variable Beta e UG B

Agility Al Adoption | 0.71 6.25 <0.01 0.51

Innovation Al Adoption | 0.66 5.85 <0.05 0.48
- Al Adoption

Agility + Leadership 0.74 6.50 <0.01 0.55

Beta (B) — Standardized Coefficient

Shows the strength and direction of the relationship between independent and dependent
variables.

Interpretation:

Beta = 0.71 for Al — Agility means that for every 1 standard deviation increase in Al adoption,
organizational agility increases by 0.71 standard deviations.

Positive values indicate a direct relationship; higher Al adoption — higher agility/innovation.
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t-value — Test Statistic

Measures whether the Beta coefficient is significantly different from 0 (no effect).
Interpretation:

t=6.25 for Al — Agility is very high, meaning the effect is statistically significant.
Larger t-values indicate stronger evidence against the null hypothesis (Ho: Beta = 0).
p-value Significance Level

Probability that the observed effect happened by chance if the null hypothesis is true.
Interpretation:

p <0.01 — Less than 1% probability that the result is due to random chance.

p <0.05 — Less than 5% probability; considered statistically significant.

Example: Al adoption — agility (p < 0.01) means we can confidently say Al adoption significantly
increases agility

What “p” means

The p-value is the probability of observing the data (or something more extreme) assuming the null
hypothesis is true.

The null hypothesis (Ho) usually states: “There is no effect or no relationship between variables.”

R? — Coefficient of Determination

Shows how much of the variation in the dependent variable is explained by the independent variable(s).
Interpretation:

R2=0.51 — 51% of the variation in organizational agility is explained by Al adoption.

Higher R? = better model fit, meaning the independent variables explain more of the changes in the dependent
variable.

Putting It All Together (Example for Agility)

Beta = 0.71 — Strong positive effect

t=6.25 — Effect is statistically significant

p <0.01 — Probability of random effect is <1% — highly significant
R?=0.51 — Model explains 51% of variation in agility

Interpretation: Al adoption significantly increases organizational agility, and this effect is both strong and
statistically reliable.
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VIII. Findings and Analysis

H1: Al adoption positively affects organizational agility

The correlation matrix shows a strong positive correlation between Al adoption and agility (r = 0.72, p <
0.01), indicating that higher AI adoption is associated with greater agility.

Regression results confirm this, with a beta coefficient of 0.71 and t = 6.25, p < 0.01, meaning Al adoption
significantly predicts agility.

Case studies: Infosys (India) and FPT Tech (Vietnam) implemented Al in HR analytics and process
automation, which improved responsiveness and reduced delivery time by 15-20%.

Conclusion: Al provides real-time insights, predictive capabilities, and automation, enabling organizations
to sense and respond faster, thus validating H1.

H2: Al adoption positively affects innovation performance
Correlation shows Al adoption is positively related to innovation performance (r = 0.68, p < 0.05).

Regression analysis: Beta = 0.66, t = 5.85, p < 0.05; R* = 0.48. This indicates a significant impact of Al on
innovation.

Case studies: Tata Steel (India) used predictive maintenance Al tools, reducing downtime by 18% and
enabling faster product development cycles. The Hungarian IT firm’s Al predictive analytics increased
project success rates by 22%.

Conclusion: Al adoption fosters new ideas, automates innovation processes, and supports experimental
strategies, confirming H2.

H3: Leadership commitment moderates Al adoption and organizational agility

Regression including leadership shows beta increases from 0.71 — 0.74, R? from 0.51 — 0.55, demonstrating
that leadership strengthens the Al — agility relationship.

Correlation matrix: Leadership correlates with Al adoption (r = 0.55) and agility (r = 0.48).

Qualitative insights: Firms with active leadership involvement (e.g., Infosys and the Hungarian IT firm)
successfully integrate Al into decision-making, overcoming resistance and infrastructure challenges.

Conclusion: Leadership commitment provides vision, resource allocation, and change management support,
moderating the Al-agility link.

H4: Digital infrastructure mediates AI adoption and innovation performance

Firms with stronger digital infrastructure report higher innovation outcomes for the same level of Al
adoption.

Case study: FPT Tech (Vietnam) leveraged cloud-based infrastructure to maximize Al efficiency, improving
innovation speed and reducing errors.

Regression and correlation analyses support that Al alone is insufficient; adequate infrastructure is required
to convert Al adoption into tangible innovation performance.

Conclusion: Digital infrastructure acts as a mediator, enabling Al to enhance innovation, validating H4.
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Hypothesis Supported by Key Findings
r = 0.72**, Beta = 0.71, p <
H1 Correlation & Regression 0.01; improved agility in case
studies
—_ * — .
H2 Correlation & Regression r=0.68" Beta=0.66, p <0.05;

faster innovation cycles in firms

Beta increases to 0.74 with
H3 Regression + Case Studies leadership; leadership aligns Al
strategy

Infrastructure mediates Al —
H4 Case Studies + Regression innovation;  necessary  for
performance gains

Image I: Bar Chart — Mean Scores of Al Adoption, Agility, and Innovation

Compares the mean scores across countries. It clearly shows which countries have higher Al adoption, agility,
and innovation.
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IX. Conclusion

Correlation analysis revealed a strong positive relationship between Al adoption and organizational agility (r
=0.72, p < 0.01). Regression analysis confirmed that Al adoption explains 56% of variance in innovation
performance. Leadership commitment further strengthened this link ( = 0.41, p <0.05).

Qualitative case studies highlighted that Al-enabled firms experienced improved customer personalization,
predictive analytics, and faster decision cycles. For instance, Infosys utilized Al in HR analytics to optimize
recruitment, while Tata Steel deployed machine learning for predictive maintenance, reducing downtime by
18%.

In contrast, firms with weak digital infrastructure reported implementation challenges. This suggests that
ATI’s impact depends on both technological readiness and strategic leadership alignment.
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