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Abstract: Skin disease identification using machine learning has gained significant attention due to its
potential for improving diagnostic accuracy and efficiency in dermatology.As in earlier diagnosis the skin
disease can be identified through computer vision based system.Traditional computer vision focuses on
handcrafted identification of skin abnormalities.However it has limitation of accuracy rate in skin disease
detection due to various skin tones and complexity of skin diseases.Therefore, there is a pressing need for
automated systems that leverage both Convolutional Neural Networks (CNN) and image processing
techniques to develop a robust identification system for skin diseases. By training CNN models on a diverse
dataset of skin lesion images, the goal is to automatically learn and extract relevant features, enabling
accurate classification of various dermatological conditions. Additionally, image processing techniques will
be utilized to preprocess the skin lesion images, enhancing their quality and extracting informative features.
The anticipated outcomes of the system include a user-friendly and accurate tool for identifying various skin
diseases, enabling early diagnosis and prompt treatment. This tool holds promise for assisting healthcare
professionals, empowering patients in selfcare, and contributing to dermatological research.

Index Terms - Skin diseases, Convolution Networks, Machine Learning, Image Processing

l. INTRODUCTION

A.PROJECT OVERVIEW

Skin disease identification using machine learning and image processing combines cutting-edge
technologies to revolutionize dermatological diagnosis[4]. The process begins with the assembly of a
diverse dataset comprising images of various skin lesions, ensuring representation across different
conditions and skin types.These images serve as the foundation for training a Convolutional Neural
Network (CNN). Once the CNN model is trained on the dataset, it becomes adept at recognizing patterns
and features indicative of different skin diseases. When a new skin lesion image is provided as input, the
CNN swiftly processes it, extracting intricate features and analyzing pixel rates to discern unique
characteristics. Following feature extraction, it compares the extracted features with those in the dataset.
Upon finding a match with a particular disease, the system provides comprehensive information including
the disease name, description, precautions, and suggestions for management.

B.PURPOSE
The purpose of skin disease identification using machine learning and image processing is to streamline

and improve the accuracy of dermatological diagnosis through automated analysis of skin lesion images(*2.
This approach serves several key objectives:
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1.Early Detection and Diagnosis: By leveraging machine learning algorithms and image processing
techniques, skin disease identification systems can assist in the early detection and diagnosis of various
dermatological conditions. Early detection is
crucial for timely intervention and effective treatment, potentially improving patient  outcomes and
reducing the risk of complications[11].

2.Efficiency and Accessibility: Automated skin disease identification systems offer a faster and more
efficient alternative to manual examination by dermatologists. These systems can analyze a large number of
images rapidly, allowing for quicker diagnosis and treatment decisions. Moreover, they can be deployed in
remote or underserved areas, improving access to dermatological care where specialists may be scarce and
also during pandemic period.

3. Accuracy and Consistency: Machine learning models trained on diverse datasets can achieve high
levels of accuracy in identifying skin diseases. By consistently applying predefined criteria and algorithms,
these systems can reduce variability in diagnosis and improve consistency across different healthcare
providers. This enhances the reliability of diagnostic results and reduces the likelihood of misdiagnosis.

4. Assistance to Healthcare Professionals: Skin disease identification systems serve as valuable tools
to support healthcare professionals, including dermatologists, general practitioners, and primary care
physicians. These systems can provide supplementary information, aid in differential diagnosis, and suggest
appropriate management strategies based on recognized patterns and features in skin lesion images.

5. Patient Empowerment and Education: Automated skin disease identification systems can
empower patients by providing them with access to information about their skin conditions. By offering
detailed descriptions, precautions, and suggestions for management, these systems enable patients to better
understand their diagnoses and participate more actively in their healthcare decisions.

C. MACHINE LEARNING

Machine learning is a branch of artificial intelligence that involves developing algorithms and models
capable of learning from data and making predictions or decisions without explicit programming[1]. These
algorithms iteratively learn from data, identifying patterns and relationships to improve their performance
over time. In essence, machine learning enables computers to learn from experience and data, rather than
being explicitly programmed for specific tasks. In our project of skin disease identification using machine
learning and image processing, the application of machine learning serves several critical purposes. Machine
learning algorithms are utilized to analyze large datasets of skin lesion images, allowing for the identification
of complex patterns and features indicative of various skin diseases.

Through this process, the algorithms become proficient at distinguishing- between different skin
conditions, ultimately leading to more accurate and reliable diagnoses[6]. It enhances the efficiency and
scalability of skin disease identification by automating the analysis of skin lesion images[12]. By rapidly
processing and analyzing images, machine learning algorithms significantly reduce the time required for
diagnosis, enabling healthcare providers to deliver timely treatment interventions. Furthermore, the
scalability of machine learning enables the deployment of skin disease identification systems across diverse
healthcare settings, including remote and underserved areas, thus improving accessibility to dermatological
care. Additionally, machine learning contributes to the consistency and reliability of skin disease diagnosis
by minimizing variability across different healthcare providers and settings. Through standardized
algorithms and criteria, machine learning systems ensure consistent diagnostic decisions, reducing the risk of
misdiagnosis and improving the overall quality of healthcare delivery. Furthermore, machine learning-based
skin disease identification systems serve as valuable decision support tools for healthcare professionals,
providing supplementary information and aiding in differential diagnosis. By leveraging machine learning
algorithms, healthcare providers can make more informed decisions and provide better care to patients,
ultimately leading to improved patient outcomes and satisfaction.

D.CONVOLUTIONAL NEURAL NETWORK

CNNs begin with an input layer in which the image's raw pixel data is supplied into the network, followed
by convolutional layers. These layers use filters to convolve across the image, extracting details such as
edges and textures. Activation functions which is essential for learning complex patterns[3]. Pooling layers
reduce spatial dimensionality, improving computational efficiency and minimising overfitting. Following
this, fully linked layers combine the retrieved features and prepare them for classification. Finally, the output
layer returns the categorization result, which includes the disease's name, Description, and Precaution[9].

[JCRT2411155 | International Journal of Creative Research Thoughts (IJCRT) www.ijcrt.org \ b430


http://www.ijcrt.org/

www.ijcrt.org © 2024 1JCRT | Volume 12, Issue 11 November 2024 | ISSN: 2320-2882

E.IMAGE PROCESSING

Image processing involves manipulating digital images to enhance their quality, extract useful
information, or perform specific tasks. It encompasses various techniques such as filtering, segmentation,
and feature extraction to analyze and manipulate images. In our project, image processing is crucial for
preprocessing skin lesion images, extracting features, and facilitating comparisons with the dataset. Image
processing serves several key purposes in our project. It plays a vital role in preprocessing skin lesion images
to standardize and enhance their quality. This preprocessing may involve techniques such as noise reduction,
contrast adjustment, and image normalization[10], ensuring consistency and reliability in subsequent
analysis. It is instrumental in extracting informative features from skin lesion images. By analyzing the
pixels in the image, along with their RGB values, image processing techniques can identify relevant patterns
and characteristics indicative of different skin diseases. This feature extraction process provides valuable
input for machine learning algorithms, enabling them to learn and make accurate predictions based on the
extracted features. Image processing facilitates comparisons between skin lesion images and the dataset of
known skin diseases. By matching the RGB values and other extracted features with those in the dataset,
image processing helps identify similarities and patterns that aid in disease classification and diagnosis[8].
This matching process forms the foundation for automated skin disease identification, allowing for timely
and accurate diagnoses. Furthermore, image processing contributes to the efficiency and scalability of skin
disease identification by automating the analysis of skin lesion images. Through advanced image processing
techniques, large volumes of images can be processed rapidly, enabling healthcare providers to deliver
timely diagnoses and treatment interventions. This scalability ensures that the system can accommodate
diverse datasets and effectively handle varying degrees of complexity in skin lesion images.

2.LITERATURE SURVEY
A. SKIN DISEASE CLASSIFICATION FROM IMAGE - A SURVEY

Author: Michael Grace, Yajin Zhou, Qiang Zhang, and Shihong Zou
Published Year: 2020
Published In: IEEE

In this paper, Michael Grace, et al [4] present “Skin disease classification from image — survey”. They
address the challenges posed by traditional diagnostic methods. It emphasizes the need for an automated
system to enhance accuracy and expedite diagnoses. Skin diseases, affecting a substantial global population,
demand efficient identification, especially considering the scarcity of dermatologists. The survey explores
both traditional, handcrafted feature-based methods and deep -learning-based techniques, particularly
Convolutional Neural Networks (CNNSs). Highlighting the rapid growth of skin diseases, the paper
underscores the importance of automated, non-invasive, and fast diagnostic systems, positioning CNNs as
valuable tools for intelligent feature extraction in skin disease classification.

B.DISCRIMINATIVE FEATURE LEARNING FOR SKIN DISEASE CLASSIFICATION USING
DEEP CONVOLUTIONAL NEURAL NETWORK

Author: Belal Ahmad, Mohd Usama, Chuen-Min Huang, Kai Hwang (Life Fellow, IEEE), M. Shamim
Hossain (Senior Member, IEEE), and Ghulam Muhammad

Published Year: 2020

Published In: IEEE

In this paper, Belal Ahmad, et al [4] present “Discriminative feature learning for skin disease
classification using deep convolutional neural network”. A novel approach for skin disease classification
using deep convolutional neural networks. Skin diseases pose significant health risks, necessitating an
automated diagnostic system. Their framework fine-tunes ResNet152 and InceptionResNet-V2 with a
triplet loss function to learn discriminative features from facial skin disease images. By extracting
embeddings and computing L-2 distances, the proposed method achieves superior accuracy over existing
works in skin disease classification. The experiment, based on a dataset from Wuhan China, focuses on
acne, blackheads, dark circles, and spots, demonstrating the model's efficacy for broader disease
classification tasks[3].
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C. DEEP LEARNING IN SKIN DISEASE IMAGE RECOGNITION: A REVIEW

Author: Ling-Fang Li, Xu Wang, Wei-Jian Hu, Neal N. Xiong (Senior Member, IEEE), Yong-Xing Du,
and Bao-Shan Li Published Year: 2020
Published In: IEEE

In this paper, Ling-Fang Li, et al [5] present “Deep learning in skin disease image recognition: a
review”. They have conducted a comprehensive review of 45 research efforts on deep learning applications
in skin disease image recognition since 2016. Emphasizing the significance of early diagnosis for skin
diseases, particularly malignant neoplasms like melanoma, the paper explores the evolution from traditional
methods to machine learning and, ultimately, deep learning[5]. The study reveals that deep learning
methods, especially multi-model fusion, outperform dermatologists and other computer-aided treatments in
skin disease diagnosis [14]. The review also forecasts future research directions in this vital medical field.

D. ENHANCED SKIN CONDITION PREDICTION THROUGH MACHINE LEARNING USING
DYNAMIC TRAINING AND TESTING AUGMENTATION

Author: Tryan Aditya Putra, Syahidah 1zza Rufaida, and Jeng- Shiou Leu (Senior Member, IEEE)
Published Year: 2020
Published In: IEEE

n this paper, Tryan Aditya Putra, et al [5] present “enhanced skin condition prediction through machine
learning using dynamic training and testing augmentation”. It introduces a novel approach focusing on
dermoscopic images for skin cancer diagnosis, they propose a dynamic training and testing augmentation
framework, leveraging Bayesian optimization for efficient search algorithms.

This innovative method outperforms a single model and an ensemble model, showcasing superior results
compared to the ISIC 2019 challenge winner. Utilizing the EfficientNet architecture, the study addresses the
critical need for accelerated skin cancer diagnosis, given the rising incidence rates. The proposed
augmentation policies are shared, offering valuable insights for other researchers working on dermoscopic
images and contributing to the improvement of skin condition prediction accuracy.

E.IDENTIFICATION, MECHANISM AND TREATMENT OF SKIN LESIONS IN COVID 19

Author: Diego Fernandez and Lazaro Manuel Garrosa
Published Year: 2021
Published In: Google Scholar

Diego Fernandez and Lazaro Manuel Garrosa present “Identification, Mechanism and treatment of skin
lesions in covid 19”. This literature review places special emphasis on the detection, mechanism, and
management of skin lesions in COVID- 19 patients by applying the fundamentals of image classification.
In-depth reviews of previous studies are conducted in this work, with a special emphasis on the use of
image classification methods in dermatology. Fernandez and Garrosa examine how well different
classification algorithms classify skin scans that show lesions associated with COVID-19.Their results
highlight how image classification might improve the precision of diagnoses and provide customized
treatment plans for skin lesions associated with COVID-19.

F.DEEP LEARNING BASED AUTOMATED DIAGNOSIS OF SKIN DISEASE USING
DERMASCOPY

Author: Vatsala Anand, Shiefali Gupta, Deepika Koundal, Shubham Mahajan, and Amit Kant
Published Year: 2021
Published In: Tech Science Press

In this paper, Vatsala Anand, et al [4] present “ Deep learning based automated diagnosis of skin disease
using dermoscopy”. They aim to create a deep learning-based system that uses dermoscopic pictures to
automatically diagnose skin conditions. Their review of the literature delves deeply into the state of the art
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in dermatology research, emphasizing developments in the application of deep learning methods to the
early detection and categorization of skin conditions. Anand et al. study different architectures of
convolutional neural networks and feature extraction techniques that are tailored for the analysis of
dermoscopic images. Their results underscore the importance of early detection enabled by automated
technologies, augmenting the precision and efficacy of diagnosing a range of skin ailments. They highlight
the potential of deep learning to transform dermatological diagnosis and enhance patient outcomes through
their study[7],[12].

G. OPPORTUNITIES AND CHALLENGES: CLASSIFICATION OF SKIN DISEASE BASED ON
DEEP LEARNING

Author: Bin Zhuang, Xue Zhou, Yichen Luo, Hao Zhang, Hauhong Yang, Jien Ma, and Liang Ma
Published Year: 2021
Published In: Chinese Journal of Mechanical Engineering

In this paper, Bin Zhuan, et al [5] present “Opportunities and Challenges: Classification of Skin disease
based on deep leaning” examines the potential and difficulties of using deep learning algorithms to classify
skin illnesses in their thorough analysis. Their review of the literature dives into the wide range of
dermatology research projects, concentrating on using convolutional neural networks (CNNSs) to classify
skin images. Zhuang et al. carefully examine how different CNN architectures perform, evaluating how
well they classify dermoscopic images that represent diverse skin diseases. Their research highlights the
potential benefits that deep learning techniques can offer in terms of improving diagnostic precision and
effectiveness.

H.MOBILE-BASED SKIN DISEASE DIAGNOSIS SYSTEM USING CONVOLUTIONAL
NEURAL NETWORK

Author: M.\W.P. Maduranga and Dilshan Nandasena
Published Year: 2021
Published In: Research Gate

In this paper, M.W.P. Maduranga and Dilshan Nandasena use convolutional neural networks (CNNSs)
with MobileNet architecture and transfer learning in their investigation of mobile- based skin disease
detection systems. Their review of the literature explores the field of dermatology and mobile technology,
with a particular emphasis on the use of deep learning algorithms to-the diagnosis of skin diseases.
Maduranga and Nandasena use transfer learning approaches to examine the viability and efficacy of
MobileNet, a lightweight CNN architecture tailored for mobile devices. Their results highlight how
important mobile-based diagnostic tools are for increasing access to healthcare services and enabling people
to make initial assessments of skin diseases.

|. FEDERATED ML FOR DETECTION OF SKIN DISEASES AND ENHANCEMENT OF
INTERNET OF MEDICAL THINGS (IoMT) SECURITY

Author: MD Nazmul Hossen, Vijayakumari, Deepika Koundal, Kawsar Ahmed, and Sobhy M. Ibrahim
Published Year: 2023

Published In: IEEE

In this paper, MD Nazmul Hossen, et al [3] present “Federated ML for detection of skin diseases and
enhancement of internet of medical things (IoMT) security”. In their study on improving Internet of
Medical Things (IloMT) security and the identification of skin illnesses. Their review of the literature
explores the field's convergence of cybersecurity, dermatology, and machine learning, with a particular
emphasis on the use of deep learning algorithms to the diagnosis of skin diseases in federated learning
environments. Hossen et al. explore how accurate diagnosis can be achieved while protecting data security
and privacy by using CNN models that are trained federatedly across dispersed healthcare devices. Through
their research, they shed light on how federated learning protects patient privacy and confidentiality,
making it easier to deploy Io0MT systems for skin disease diagnosis in a secure manner.
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J. SKIN DISEASE CLASSIFICATION USING CNNALGORITHMS
Author: Raghav Agarwal and Deepthi Godavarthi
Published Year: 2023

Published In: Research Gate

In this paper, Raghav Agarwal and Deepthi Godavarthi present “Skin Disease classification using CNN
Algorithms”. In their study on the classification of skin diseases. Their review of the literature explores the
fields of dermatology and machine learning, emphasizing the use of deep learning methods to accurately
classify photos of skin diseases. Agarwal and Godavarthi examine the functionality of eleven distinct CNN
architectures and assess how well they classify a range of skin diseases from picture data. Their results
highlight how CNN algorithms, by offering automated and dependable classification methods, have the
potential to completely transform the field of dermatological diagnostics.
2. EXISTING SYSTEM

The existing system for skin disease identification primarily relies on manual examination and diagnosis
by dermatologists, which can be time consuming and may lead to delays in treatment. It is heavily
dependent on the expertise and availability of dermatologists and may not always be accessible, particularly
in remote regions and pandemic period. As a result, there is a pressing need for automated systems that can
augment the diagnostic process, providing rapid and accurate assessments of skin conditions to complement
the work of medical professionals and improve patient care.

3. DRAWBACKS OF EXISTING SYSTEM
 Accuracy is less.
*Time taken to process the image is high.
* Missed to process high pixel images.

4, PROPOSED SYSTEM

The proposed system for skin disease identification aims to revolutionize the diagnostic process by
leveraging machine learning and image processing techniques. By utilizing a diverse dataset of skin
disease images and cutting-edge image analysis methods, the system will be capable of accurately
identifying and classifying a wide range of skin conditions. This user-friendly application will empower
individuals to upload skin images for real-time disease identification and receive prompt information and
recommendations. Moreover, the system will prioritize the interpretability and transparency of its
decisions, building trust and facilitating communication between patients and healthcare professionals,
ultimately improving the efficiency and accessibility of skin disease diagnosis and care. In our proposed
work, we plan to leverage both Convolutional Neural Networks (CNN) and image processing techniques
to develop a robust system for skin disease identification[13].

CNN will play a vital role in analyzing the intricate features and patterns present in skin lesion
images, enabling accurate classification of various dermatological conditions. By training CNN models on
a diverse dataset of skin lesion images, we aim to automatically learn and extract relevant features from
the images. These learned features will then be used to classify skin diseases with high accuracy,
improving the efficiency and reliability of the diagnostic process. Additionally, image processing
techniques will be employed to preprocess the skin lesion images, enhancing their quality and extracting
informative features. Methods such as noise reduction, contrast enhancement, and normalization will be
applied to standardize the images and ensure consistency in the analysis process.

Advantages Of Proposed System

. Accuracy is high.

. It takes few seconds to provide exact result.

. Name of the disease, description and precautions are also found with highlighting the affected
places.

. Capable of managing huge dataset.

. Applicable for both low and high-pixel images.
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FIG.1 Disease Identification
5. SYSTEM DESIGN

K. PROBLEM DEFINITION

Skin diseases represent a significant global health challenge, affecting millions of individuals
worldwide. Early and accurate diagnosis of skin conditions is crucial for effective treatment and prevention.
By harnessing Python, machine learning, and image analysis techniques, the project seeks to create a user-
friendly tool capable of early detection and precise identification of various skin conditions. This endeavour
targets to assist healthcare professionals, empower patients in self-care, and advance dermatological
research, ultimately enhancing treatment outcomes and improving the quality of life for millions affected by
skin diseases worldwide.

B. MODULE DESCRIPTION

1. Data collection and preparation

This module specializes in curating an inclusive dataset for skin rashes, emphasizing diversity and data
quality. It encompasses a broad spectrum of images portraying different skin diseases, ensuring a well—
rounded and effective learning experience. All the diverse images are organized within a dataset,
streamlining processing for increased efficiency.

2. Image analysis and feature extraction

Image analysis and feature extraction system scrutinizes uploaded.skin images, extracting intricate
features that align closely with the dataset. By cross-referencing these features, the system enhances
accuracy, recognizing patterns indicative of known skin rashes. This tailored precision ensures effective
identification and categorization of diverse skin conditions.

3. Model development

Developing a machine learning model prioritizing skin disease classification , our focus is on optimizing
accuracy and sensitivity. Particularly in the identification of skin diseases in the early , medium and severe
stages. This approach ensures a robust model that not only achieves high overall accuracy but also excels in
detecting even the most elusive skin disorders.

4. Real-time application

Creating a user—friendly application for instant skin disease identification, our system empowers users to
upload images for immediate analysis. Providing comprehensive information and personalized
recommendations, the application enhances user experience. This seamless interface ensures quick access to
results, facilitating informed decisions for effective skin condition management.

5. Interpretability and Transparency

Enhancing the interpretability and transparency of model decisions is crucial for fostering user trust and
enabling effective communication between patients and healthcare professionals. Implementing methods to
achieve this facilitates understanding, builds confidence in the model's decisions, and promotes
collaboration in healthcare decision-making processes.
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C.SYSTEM ARCHITECTURE

SKIN DISEASES IDENTIFCATION USING MACHINE LEARINING

d Dataset images

FIG.2-System Architecture

D. INPUT DESIGN

Creating a skin disease identification input system entail collecting diverse image data,
preprocessing , extracting relevant features like image processing and machine learning embeddings,
selecting discriminative features, augmenting data for robustness, choosing a suitable model like CNN,
training, validating, and evaluating the model's performance using metrics like accuracy . Deployment
involves integrating the model into a user-friendly interface for real-world use, with continuous monitoring
and improvement based on user feedback and updated data. The process aims to ensure accurate and
reliable identification of skin diseases for medical diagnosis and treatment planning. Input Design
considered the following things:

1) How diverse is the collected skin image dataset across variousskin diseases?
2) Which machine learning model is selected for classification?
3) What techniques are utilized for feature extraction to captureessential characteristics of skin lesions?

4) What metrics are used to assess accuracy?

E. OUTPUT DESIGN
The output design for skin disease identification using machine learning involves several stages.
Initially, the system displays images of the affected skin areas uploaded by the user[2]. Subsequently, it
analyses the images to identify and mark the affected places in pixels, highlighting the areas of concern.
The system then compares these marked areas with a dataset containing information about various skin
diseases. By evaluating the pixel rates and comparing them with the dataset, the system determines the
most suitable disease(s) for the image. For each identified disease, the system provides relevant
information including the disease name, description, and precautions to be taken. This comprehensive
output assists users in understanding their skin condition and taking appropriate measures for treatment
and prevention.
. Users upload images depicting affected skin areas.
. The system employs image processing techniques to mark and analyze affected areas at the pixel
level.
. Marked areas are compared with a dataset of known skin diseases, utilizing machine learning
algorithms to identify potential matches.
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FI1G.3-Different Types Of Skin Diseases
6. SYSTEM IMPLEMENTATION

A. IMPLEMENTATION

1. Images: It encompasses a diverse dataset of images representing various skin diseases. Users input
their image for identification, and the system processes it to output an image annotated with the identified
disease name.

2. Process: The input image undergoes image processing techniques to enhance features relevant to
skin disease identification. This is followed by edge detection algorithms to highlight distinct boundaries,
aiding in disease detection.

3. View: The view component visually presents the identified skin disease by highlighting affected
areas within the input image using a red square overlay. Additionally, it displays the name of the diagnosed
disease for user reference and understanding.

B. FEASIBILITY STUDY

The feasibility study encompasses all of the analyses conducted during the project's development. Each
structure must be considered throughout project development in order to serve the end user in a user-
friendly manner. One must understand the type of information to be acquired, and system analysis entails
collecting, organizing, and assessing data about a system and its environment. Three considerations
involved in feasibility analysis are

= ECONOMICAL FEASIBILITY

= OPERATIONAL FEASIBILITY

= TECHNICAL FEASIBILITY

Economical feasibility:A personal computer with a keyboard and mouse must be purchased by the
organization; this is an upfront expense. The transition from a manual to a computerized system has
numerous immediate advantages. Responses to queries from the user are available, and any capital
expenditure is justified by the claim that it would save costs or enhance the user's quality of experience. By
using the website's service, users with a basic understanding of Microsoft technology can take advantage of
this offering.

Operational feasibility: The proposed system accesses processes to solve problems that occurred in the
existing system. The current day-to-day operations of the organization can fit into this system. Mainly,
operational feasibility should include an analysis of how the proposed system will affect the organizational
structures and procedures.The proposed system requires less human interaction, and anybody who has a
basic computer device can access these services and operate on their needed parts of the services to get the
services that are needed by the user.

Technical feasibility: The cost-benefit analysis may lead to the conclusion that computerized systems are
favorable in today’s fast-moving world. The assessment of technical feasibility must be based on an outline
design of the system requirements in terms of input, output, files, programs, and procedures. The project
aims to provide faster information sharing using the web application and to reduce the difficulties involved
in request handling that are givenby users of the website. The current system aims to overcome the
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problems of the existing system. The current system is to reduce the technical skill requirements so that a
larger number of users can access the application.

7. SYSTEM TESTING
System testing ensures that the entire integrated software system meets requirements. It tests a
configuration to ensure known and predictable results. An example of system testing isthe configuration
oriented system integration test. System testing is based on process descriptions and flows, emphasizing pre-
driven process links and integration points. This project has undergone the following testing procedures to
ensure its correctness. « Unit testing « User Acceptance Testing ¢ Integration testing

A.UNIT TESTING
In unit testing, we have to test the programmes making up the system. For this reason, unit testing is

sometimes called programme testing. The software units in a system are the modulesand routines that are
assembled and integrated to perform a specific function. Unit testing first occurs on the modules
independently of one another to locate errors. This enables us to detect errors in coding and logic that are

contained in the module alone. The testingwas carried out during the programming stage itself.

B.USER ACCEPTANCE TESTING
In these testing procedures, the project is given to the customer to test whether all requirements have

been fulfilled, and after the user is fully satisfied, The project is perfectly ready. If the user makes a
request for any change, and if they find any errors, all of those errors have to be taken into consideration
and corrected to make a project a perfect one.

C.INTEGRATION TESTING

Integration testing is done to test if the individual modules work together as one single unit. In
integration testing, the individual modules that are to be integrated are available for testing. Thus, the
manual test data that was used to test the interfaces was replaced by that which was generated
automatically from the various modules. It can be used for testing how the modules would actually

interact with the proposed system. The modules are integrated and tested to reveal the problem interfaces

8. CONCLUSION

The "Skin Disease Identification using Python" project stands as a promising initiative poised to
revolutionize the diagnosis and management of skin conditions. Through the utilization of machine
learning and image analysis techniques, it aims to empower both healthcare professionals and individuals
in making informed decisions about skin health. With the prevalence of skin diseases worldwide and the
critical importance of early and accurate diagnosis, the significance of this project cannot be overstated.
By comprehensively addressing core objectives such as data collection, image analysis, model
development, and real-time application integration, this project holds the potential to significantly impact
dermatological care, alleviate the burden on healthcare systems, and provide valuable support to medical

professionals.

[JCRT2411155 | International Journal of Creative Research Thoughts (IJCRT) www.ijcrt.org \ b438


http://www.ijcrt.org/

www.ijcrt.org © 2024 1JCRT | Volume 12, Issue 11 November 2024 | ISSN: 2320-2882

9. REFERENCES

[ 1] A survey of the state-of-the-art, in Proc. 6th Int. Conf. Mining Intell.Knowl. Explor. (MIKE), Cluj-
Napoca, Romania, Dec. 2018, pp. 321_330, doi: 10.1007/978-3-030- 05918-7_29.

[ 2] A. A Adeyinka and S. Viriri, “Skin lesion image segmentation using delaunay triangulation for
melanoma detection,” Comput. Med. Imaging. Graph., Aug. 2013.

[ 3] C. Szegedy, W. Liu, Y. Jia, P. Sermanet, S. Reed, D. Anguelov,

D. Erhan,V. Vanhoucke, and A. Rabinovich, “Going deeper with convolutions,” in Proc. IEEE Conf.
Comput. Vis. Pattern Recognit. (CVPR), Boston, MA, USA, Jun. 2015, pp. 1.9, doi:
10.1109/CVPR.2015.7298594.

[4] Cancer Factfigures 2019. https://www.cancer.org/content/dam/cancerorg/research/cance r-facts-
andstatistics/annualcancer-facts-and- res/2019/cancerfacts-and-_gures-2019.pdf

[ 5] 5.D. E. Fisher and A. C. Geller, “Disproportionate burdenof melanoma mortality in young US men,”
JAMA Dermatology, vol. 149, no. 8, p. 903.

[ 6] 6.D. M. Parkin, D. Mesher, and P. Sasieni, “Cancers attributable to solar (ultraviolet) radiation exposure
in the UK in 2010,” Brit. J. Cancer, doi: 10.1609/aaai.v33101.33014780.

[ 71 7.E. D. Cubuk, B. Zoph, D. Mane, V. Vasudevan, and Q.V. Le, “Auto Augment: Learning
augmentation strategies from data,” in Proc. IEEE/CVF Conf. Comput. Vis. Pattern Recognit. (CVPR),
Long Beach, CA, USA,Jun. 2019, pp. 113 123.

[ 8] E. Real, A. Aggarwal, Y. Huang, and Q. V. Le, “Regularized evolution for image classifier architecture
search,” Proc. AAAI Conf. Artif. Intell., Honolulu, HI, USA, vol. 33, pp. 4780 4789, Jul. 2019.

[ 9] J. Jian, F. Xiong, W. Xia, R. Zhang, J. Gu, X. Wu, X. Meng, and X. Gao, “Fully convolutional
networks (FCNSs)-based segmentation method for colorectal tumours on T2-weighted magnetic resonance
images,” Australas.Phys. Eng. Sci. Med., vol. 41, no. 2, pp. 393 401, Apr. 2018.

[ 10] N. Ibtehaz and M. Sohel Rahman, “MultiResUNet: Rethinking the U-Net architecture for multimodal
biomedical image segmentation,”2019,arXiv:1902.04049.http://arxiv.org/abs/190
2.04049pp.5987_5995,d0i:10.1109/C VPR.2017.634.

[ 11] R. Z. Conic, C. I. Cabrera, A. A. Khorana, and B. R. Gastman, “Determination of the impact of
melanoma surgical timing on survival using the national cancer database,” J. Amer. Acad. Dermatology,
vol.78, no. 1,pp. 40_46, Jan. 2018.

[ 12] S. Lim, I. Kim, T. Kim, C. Kim, and S. Kim, “Fast auto augment,” in Proc.Adv. Neural Inf. Process.
Syst. (NeurlPS), 2019, pp. 6662_6672.

[ 13] S. Xie, R. Girshick, P. Dollar, Z. Tu, and K. He, “Aggregated residual transformations for deep neural
networks,” in Proc. IEEE Conf. Comput. Vis. Pattern Recognition (CVPR), Honolulu, HI, USA, Jul.
2017, vol. 105, no. S2, pp. S66_S69, Dec. 2017.

[ 14] Dr.R.Nithya, KB.Indhujaa, M.Babyshalini, “Hair Segmentation and Removal in Dermoscopic Images
using Deep Learning,” International Journal of Research and Analytical Reviews, UGC ISSN No:2348-
1269.

[3] Bhatti, U. and Hanif. M. 2010. Validity of Capital Assets Pricing Model.Evidence from KSE-
Pakistan.European Journal of Economics, Finance and Administrative Science, 3 (20).

[JCRT2411155 | International Journal of Creative Research Thoughts (IJCRT) www.ijcrt.org \ b439


http://www.ijcrt.org/
http://www.cancer.org/content/dam/cancerorg/research/cance

