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Abstract: The analysis of consumer reviews is a crucial aspect of understanding customer satisfaction and
improving product offerings. This project focuses on collecting, analyzing, and interpreting consumer reviews
from various online platforms to derive insights into consumer preferences and pain points. By employing
natural language processing (NLP) techniques and sentiment analysis, the project aims to categorize reviews
into positive, negative, and neutral sentiments. Additionally, topic modeling is used to identify common
themes and issues mentioned by consumers. The findings from this analysis will help businesses enhance their
products and services, tailor marketing strategies, and ultimately increase customer satisfaction. Through this
project, we aim to demonstrate the value of leveraging consumer feedback for strategic decision-making and
business growth.

IndexTerm:ConsumerReview,SentimentAnalysis, TopicModeling, CustomerSatisfaction,OnlinePlatforms,C
onsumer Preferences

|. INTRODUCTION

An effective consumer review introduction serves as a concise gateway that primes the reader for the
detailed content that follows. It begins by establishing context, providing relevant background information
about the product or service being reviewed. This might include the brand, model, version, and any prior
experience the reviewer has with similar products. The purpose of the review is then clearly stated, outlining
what aspects will be evaluated, such as quality, usability, or value for money. Sharing initial impressions or
expectations about the product creates a benchmark, which might involve the packaging, design, or any
preconceived notions the reviewer had. An engaging tone is crucial, tailored to the target audience, which could
range from formal to informal or technical to humorous. Personal anecdotes or relatable scenarios can enhance
engagement. Finally, a brief thesis statement or summary of the key points provides a roadmap for the review,
mentioning the main pros and cons that will be elaborated upon. This structured approach ensures the reader is
well-informed and intrigued, ready to delve into the detailed analysis

1.1 Existing System :

The existing system for analyzing consumer reviews[1] typically involves a combination of manual and semi-
automated processes, which are often inefficient and limited in scope. Businesses gather reviews[1] from
multiple online platforms, including e-commerce websites, social media, and dedicated review sites. This
collection process is generally unstructured, with data coming in various formats and styles, making it difficult
to standardize and analyze comprehensively.
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Once collected, reviews[1] are often read and categorized by human analysts. This manual approach is labor-
intensive, time-consuming, and subject to individual biases, leading to inconsistencies in interpretation. The
volume of reviews[1] can quickly overwhelm the analysts, causing delays and potential oversight of important
feedback.

Sentiment analysis in the existing system is usually basic, relying on keyword-based methods that lack the
sophistication to understand context or subtleties in language. For example, sarcasm, irony, and nuanced
expressions of sentiment are frequently misinterpreted. As a result, the sentiment analysis often provides an
oversimplified view of consumer emotions, missing the deeper insights that could be derived from a more
nuanced understanding.

Advanced natural language processing (NLP) techniques, such as deep learning-based sentiment analysis and
topic modeling, are rarely employed in the existing system. This omission means that businesses are not fully
leveraging modern technological capabilities to extract meaningful patterns and trends from consumer
feedback. Consequently, the identification of common themes, recurring issues, and emerging trends is often
superficial and incomplete.

The existing system also struggles with scalability. As the volume of online reviews[1] grows, the limitations
of manual and basic automated methods become more pronounced. The inability to efficiently process large
datasets hinders the timely extraction of actionable insights, reducing the responsiveness of businesses to
consumer needs and preferences.

Moreover, the fragmented nature of data collection and analysis means that feedback from different sources
is often not integrated, leading to a siloed understanding of consumer sentiments. This fragmentation prevents
businesses from getting a holistic view of customer experiences across various touchpoints.

In summary, the existing system for analyzing consumer reviews[1] is characterized by inefficiency, limited
analytical depth, scalability issues, and a fragmented approach to data collection and analysis. These
limitations prevent businesses from fully understanding and responding to consumer feedback, ultimately
impacting their ability to improve products, services, and customer satisfaction.
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Figure 1:existing system
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1.1.1Challenges :

Data Volume and Variety: The sheer volume of consumer reviews[1] from multiple platforms can be
overwhelming. Reviews[1] come in different formats, lengths, and languages, making it difficult to
standardize the data for analysis.

[0 Data Quality: Reviews[1] often contain noise, such as irrelevant information, spam, or incomplete
feedback. Cleaning and pre-processing this data to ensure quality and relevance is a significant challenge.

[J Sentiment Analysis Accuracy: Existing sentiment analysis tools may struggle with context, sarcasm, and
idiomatic expressions, leading to inaccurate sentiment classification. Improving the accuracy of sentiment
analysis to capture nuanced consumer emotions is a key challenge.

[J Natural Language Processing (NLP) Complexity: Advanced NLP techniques, such as deep learning and
topic modeling, require significant computational resources and expertise. Implementing these techniques
effectively is a technical challenge.

[J Scalability: As the volume of reviews[ 1] grows, the system must scale to handle large datasets efficiently.
Ensuring scalability without compromising performance or accuracy is a major challenge.

O Integration of Multisource Data: Reviews[1] are often dispersed across various platforms, and integrating
data from multiple sources into a unified system can be complex. This integration is necessary for a holistic
view of consumer feedback.

[ Real-time Analysis: Consumers expect businesses to respond quickly to feedback. Developing a system
that can process and analyze reviews[1] in real-time to provide timely insights and responses is challenging.

1.2 Proposed System : The proposed system for analyzing consumer reviews[1] leverages advanced natural
language processing (NLP) techniques and machine learning algorithms to provide a comprehensive,
efficient, and scalable solution. This system collects reviews[1] from multiple online platforms, automatically
standardizing and cleaning the data to ensure high quality and relevance. By employing deep learning-based
sentiment analysis, it accurately captures the nuanced emotions expressed in reviews[1], including context,
sarcasm, and idiomatic expressions. Additionally, the system utilizes topic modeling to identify recurring
themes and issues, providing a deeper understanding of consumer preferences and pain points. Real-time
processing capabilities enable timely insights and swift responses to consumer feedback. The system is
designed to integrate data from diverse sources, offering a holistic view of customer sentiments across various
touchpoints. To ensure objectivity, advanced algorithms minimize biases in data interpretation. Moreover, the
system supports multi-language analysis, accommaodating reviews[1] from different linguistic and cultural
backgrounds. Emphasizing privacy and compliance, it adheres to legal and ethical standards in data handling.
By transforming raw review data into actionable insights, the proposed system empowers businesses to
enhance their products, services, and customer satisfaction effectively.

1.2.1 Advantages:

O Enhanced Customer Insights: By analyzing consumer reviews[1], businesses gain a deeper understanding
of customer preferences, needs, and pain points, enabling more informed decision-making.

O Improved Product and Service Quality: Insights derived from consumer feedback help businesses identify
areas for improvement, leading to enhanced product and service offerings.

O Real-time Feedback: Real-time processing of reviews[1] allows businesses to respond quickly to customer
concerns, improving customer satisfaction and loyalty.
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0O Data-Driven Decisions: The use of advanced analytics and machine learning techniques provides data-
driven insights, reducing reliance on intuition and guesswork
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Figure 2: proposed system
Il. Literature Review

2.1 Architecture

The architecture of a consumer review system encompasses several interconnected components
designed to collect, process, analyze, and derive actionable insights from consumer feedback. At its core, the
architecture is structured to handle large volumes of heterogeneous data from various online platforms
efficiently.

This layer aggregates consumer reviews[1] from diverse sources such as e-commerce websites, social media
platforms, forums, and review sites. APIs, web scraping tools, and data feeds are commonly used to gather
this unstructured data. Collect reviews[1] from various sources such as e-commerce websites, social media,

and review platforms Use web scraping tools or APIs to gather data. Ensure compliance with legal and
ethical standards. Remove duplicates, correct errors, and normalize data for consistency.Apply NLP
techniques to extract sentiment, topics, and key phrases from reviews[1]. Tools like NLTK, SpaCy, or
transformers can be used.

[JCRT2407492 | International Journal of Creative Research Thoughts (IJCRT) www.ijcrt.org | e240


http://www.ijcrt.org/

www.ijcrt.org © 2024 IJCRT | Volume 12, Issue 7 July 2024 | ISSN: 2320-2882

Data Extraction from benchmark data source

Figure 3 : Architecture
2.2 Algorithm

In consumer review projects, algorithms play a pivotal role in extracting meaningful insights from large
volumes of unstructured textual data. Several key algorithms and techniques are employed to analyze
consumer sentiments, identify trends, and categorize feedback effectively

Supervised learning algorithms such as Support Vector Machines (SVM), Logistic Regression, and Naive
Bayes are commonly used. These models are trained on labeled datasets to predict sentiment based on features
extracted from text, like words and phrases.

Neural network architectures like Convolutional Neural Networks (CNNs), Recurrent Neural Networks
(RNNs), and Transformer models (e.g., BERT) have shown significant advancements in sentiment analysis.
These models excel in capturing complex relationships within text, including context and semantic meaning,
leading to more accurate sentiment classification.

2.3 Techniques

Consumer review projects employ a variety of techniques and tools to effectively gather, process, analyze,
and derive insights from consumer feedback across diverse online platforms.

Techniques for collecting consumer reviews[1] include web scraping, API integration, and data feeds from
platforms such as e-commerce sites, social media channels, and dedicated review websites. These methods
ensure a comprehensive and up-to-date collection of consumer sentiments and opinions. Use pre-trained
models or train your own to classify reviews[1] as positive, negative, or neutral. Libraries like TextBlob or
Vader can be used.Apply techniques like Latent Dirichlet Allocation (LDA) to identify common themes or
topics in reviews[1]. Utilize neural networks for more complex tasks like understanding contextual nuances
in reviews[1]. Libraries like TensorFlow or PyTorch can be helpful. Create interactive dashboards using tools
like Tableau, Power BI, or custom-built solutions with D3.js to visualize key metrics and insights. Use
matplotlib, seaborn, or Plotly in Python to generate visual representations of data trends and distributions
Generate automated reports summarizing key findings, trends, and insights from the review data.
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2.4 Tools

Tools like NLTK (Natural Language Toolkit), SpaCy, and Stanford NLP are utilized for data preprocessing

tasks. These tools facilitate text normalization, tokenization, stop-word removal, and part-of-speech tagging
to prepare raw textual data for further analysis.
Tools like Gensim and Mallet implement algorithms such as Latent Dirichlet Allocation (LDA) and Non-
Negative Matrix Factorization (NMF) to uncover latent topics or themes within consumer reviews[1]. These
tools enable businesses to identify prevalent issues, emerging trends, and customer preferences from large
volumes of textual data.

Tools like Gensim and Mallet implement algorithms such as Latent Dirichlet Allocation (LDA) and Non-
Negative Matrix Factorization (NMF) to uncover latent topics or themes within consumer reviews[1]. These
tools enable businesses to identify prevalent issues, emerging trends, and customer preferences from large
volumes of textual data.

2.5 Methods

Methods for collecting consumer reviews[1] involve scraping data from e-commerce websites, social
media platforms, forums, and review aggregators. Automated tools and APIs are commonly used to gather
structured and unstructured data, ensuring a comprehensive dataset for analysis.

Preprocessing techniques include text normalization, tokenization, and cleaning to enhance the quality and
consistency of textual data. This step removes noise, such as HTML tags, punctuation, and stopwords, and
standardizes text formats for further analysis. Many review platforms offer APIs (e.g., Yelp, Google
Reviews[1], Amazon Product Advertising API) for programmatic access to reviews[1]. This method ensures
structured and reliable data but may have limitations on the volume of data accessible. Using SQL databases
(like MySQL, PostgreSQL) for structured data storage. Suitable for projects with well-defined schemas and
relationships. Methods include removing HTML tags, converting text to lowercase, removing punctuation,
and handling missing values. Essential for preparing raw text for analysis Supervised learning methods (e.g.,
logistic regression, SVM, random forests) for categorizing reviews[1] into predefined classes such as
sentiment or product categories. Using neural networks (e.g., RNNs, CNNs, Transformers) for complex tasks
like sentiment analysis, providing more nuanced understanding compared to traditional models.

I11. Methodology

Conducting an analysis on a consumer review[1] project involves several steps to gather, clean, analyze,
and interpret the data effectively. Here's a detailed step-by-step methodology:

3.1 Input
Step 1: Define Objectives

e Purpose: Understand why you are analyzing consumer reviews[1]. Are you looking to improve a
product, understand consumer sentiment, or identify trends?

e Scope: Determine the scope of your analysis. What products or services are you focusing on? What is
the time frame for the reviews[1]?

Step 2: Data Collection

« Sources: Identify where to collect the reviews[1] from (e.g., Amazon, Yelp, Google Reviews[1], social
media).

e Tools: Use web scraping tools (like BeautifulSoup, Scrapy) or APIs provided by the review[1]
platforms to collect the data.

o Storage: Store the collected data in a structured format like a database or a CSV file.
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Step 3:

Step 9

Data Cleaning

Remove Duplicates: Ensure that no duplicate reviews[1] are present.

Handle Missing Values: Decide on a strategy to handle missing data (e.g., removing, imputing).
Text Normalization: Clean the text data by removing special characters, stop words, and performing
other text normalization techniques like stemming or lemmatization.

Exploratory Data Analysis (EDA)

Descriptive Statistics: Calculate basic statistics like the number of reviews[1], average rating,
distribution of ratings.

Visualization: Use charts and graphs to visualize the distribution of ratings, frequency of words, trends
over time, etc.

Identify Patterns: Look for patterns or anomalies in the data.

Sentiment Analysis

Sentiment Scoring: Use Natural Language Processing (NLP) techniques to assign sentiment scores to
reviews[1] (e.g., positive, negative, neutral).

Tools: Utilize libraries like TextBlob, VADER, or machine learning models like BERT for sentiment
analysis.

Interpretation: Analyze the sentiment scores to understand the overall consumer sentiment.

Topic Modeling

Purpose: Identify common themes or topics within the reviews[1].

Methods: Use techniques like Latent Dirichlet Allocation (LDA) or Non-Negative Matrix
Factorization (NMF).

Implementation: Apply these models to your text data to extract topics and understand the main points
of discussion.

Keyword Analysis

Frequency Analysis: Identify the most frequently mentioned words or phrases.
Contextual Analysis: Analyze the context in which these keywords are mentioned to understand their
significance.

Comparative Analysis

Benchmarking: Compare your product or service reviews[1] with competitors to identify strengths
and weaknesses.
Trends Analysis: Look at trends over time to see how consumer perception is changing.

: Data Visualization

Dashboard Development: Create interactive dashboards using tools like Tableau, Power Bl, or custom
web applications to present insights.

Charts and Graphs: Use libraries like matplotlib, seaborn, or Plotly to create visual representations of
data trends and patterns.

Reports: Generate automated reports summarizing key findings and trends.

Step 10 : Deployment and Maintenance

Deployment: Deploy the models and dashboards to production environments, making them accessible
to stakeholders.
Monitoring: Continuously monitor the performance of the models and the quality of the data.
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e Maintenance: Regularly update the models and data pipelines to ensure they remain accurate and
relevant

Figure 4:Input screen

3.2 Output

An effective consumer review output provides a detailed and balanced evaluation of the product
or service, focusing on the aspects outlined in the introduction. It begins by addressing the key points
mentioned earlier, such as design, performance, and usability. The reviewer should offer specific examples
and evidence to support their assessments, such as describing the user interface, battery life in various
conditions, or the effectiveness of particular features. Pros and cons are clearly articulated, allowing the reader
to understand both the strengths and weaknesses of the product. Comparisons with similar products or
previous models can offer additional context and help readers make informed decisions.

The tone remains consistent with the introduction, whether it’s enthusiastie, critical, or neutral, ensuring the
review feels cohesive. Personal anecdotes or experiences can add depth and relatability, making the review
more engaging. For instance, describing how the product performed during a specific task or in a real-world
scenario can provide practical insights.

The conclusion of the review should summarize the overall evaluation, reiterating the main points and
providing a final verdict on whether the product meets expectations and is worth purchasing.
Recommendations for potential buyers, such as ideal use cases or specific user types who might benefit most
from the product, can also be included.

Overall, the output should be thorough, unbiased, and informative, providing the reader with a clear
understanding of the product's value and helping them make a well-informed purchasing decision.
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Figure 5: Output Screen Figure 6 : Output screen
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IV. Result

Based on the consumer review project results, several key insights have emerged. Overall, customer
satisfaction appears high, with an average rating of 4.5 out of 5. Many customers praised the product's quality
and durability, highlighting its value for money. However, a common concern among reviewers was the
lengthy delivery time, suggesting a need for improvement in the logistics process. Additionally, some users
mentioned difficulties with customer support, indicating potential areas for enhancing service efficiency and
responsiveness. The data also revealed a strong correlation between positive reviews[1] and repeat purchases,
emphasizing the importance of maintaining high product standards and addressing logistical and support
issues to sustain customer loyalty and drive long-term growth.

PREDICTION

Please Enter Your Review

g Enter you Pracict
.

Figure 7 : Result
V. Discussions

The analysis of consumer review discussions reveals several significant trends and areas for improvement.
Positive feedback consistently highlights the product’s exceptional -quality, innovative features, and
competitive pricing, which are major drivers of customer satisfaction. Many customers also appreciate the
user-friendly design and the excellent performance of the product, which frequently leads to repeat purchases
and strong brand loyalty. On the other hand, recurring themes in negative discussions include delayed shipping
times and occasional customer service challenges, such as long response times and inadequate problem
resolution. Additionally, a subset of consumers expressed concerns about product availability and stock
issues. These insights suggest that while the product itself is well-received, there is a critical need to optimize
the supply chain and enhance customer service protocols to address these pain points. Addressing these issues
proactively could significantly improve overall customer satisfaction and foster a more positive brand image.

V1. Conclusion

The analysis of consumer review discussions reveals several significant trends and areas for
improvement. Positive feedback consistently highlights the product’s exceptional quality, innovative
features, and competitive pricing, which are major drivers of customer satisfaction. Many customers also
appreciate the user-friendly design and the excellent performance of the product, which frequently leads to
repeat purchases and strong brand loyalty. On the other hand, recurring themes in negative discussions
include delayed shipping times and occasional customer service challenges, such as long response times
and inadequate problem resolution. Additionally, a subset of consumers expressed concerns about product
availability and stock issues. These insights suggest that while the product itself is well-received, there is a
critical need to optimize the supply chain and enhance customer service protocols to address these pain
points. Addressing these issues proactively could significantly improve overall customer satisfaction and
foster a more positive brand image.
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6.1 Future scope

Analyzing the future scope of a consumer review project involves evaluating its potential for
growth, innovation, and sustained relevance in a dynamic market. The project can leverage advancements in
Al and machine learning to enhance review accuracy and personalization, offering more tailored
recommendations. Expanding into new product categories and integrating interactive content, such as video
reviews and virtual reality demonstrations, can attract a broader audience and increase engagement.
Encouraging user-generated content and building a community around the platform can provide a diverse
range of opinions and foster loyalty. Additionally, advanced analytics and reporting tools can offer deeper
insights into consumer preferences and trends, benefiting both consumers and businesses. Global expansion
through content localization and forming strategic partnerships can further enhance visibility and credibility.
Emphasizing sustainability and ethical considerations in reviews can meet the growing consumer demand for
responsible products. Staying updated with regulatory changes ensures compliance and trust. Exploring new
monetization strategies, while maintaining unbiased and trustworthy reviews, can provide sustainable revenue
streams. Overall, a forward-thinking approach that embraces technology, diversity, and ethical practices will
ensure the project's long-term success and impact.

VII. Acknowledgement

Pinnamaraju .t.s priya working as Assistant professor in Master of computer Appilication
(MCA) , Sankethika Vidhya Parishad engineering College andhra pradesh.with 6 years of
experience in master of Computer appilications(MCA) , Accredited by NAAC with her area of

interests in ¢, Al . Computer organisation ,software engineering . IOT

Ms. Morsa Harika is pursuing her final semester MCA in SankethikaVidya
parishad Engineering college,accredited with a grade by NAAC,Affiliated by
Andhra Unversity and approved by AICTE with interest in Artificial intelligence
Ms.Harika has taken up her PG project on Analysis on a Consumer Review and
published the paper in connect to the project under The guidence of

p.t.s.priya,Assistant professor,SVPEC

[JCRT2407492 | International Journal of Creative Research Thoughts (IJCRT) www.ijcrt.org | €246


http://www.ijcrt.org/

www.ijcrt.org © 2024 IJCRT | Volume 12, Issue 7 July 2024 | ISSN: 2320-2882
VIII. Reference

Book reference:

1. Ajjournal on A genre analysis of book reviews written by hunter jhones professional critics versus online
consumer critics by umapa dachoviboon in nida.ac.th linked https://repository.nida.ac.th/items/37dfaf07-
1df9-4907-bea6-8b1ed5784991

2 A journal on Contemporary Marketing and Consumer Behavior: An Anthropological Sourcebook by ¢ otnes
in sagepub.com linked https://journals.sagepub.com/doi/abs/10.1177/00222437960330021

3 A Jounral on Consumer Culture Theory by hunter jones in sagepub linked
https://journals.sagepub.com/doi/abs/10.1177/1469540521994270

4 A journal on A Content Analysis Of Book Reviews by Bookstagrammers on instagram by H Singh in springer
linked https://link.springer.com/chapter/10.1007/978-3-031-26953-0_71

5 A journals on ACA System for Adaptive Conjoint Analysis by academia.edu in F Carmone linked
https://journals.sagepub.com/doi/abs/10.1177/002224378702400315

6 A journal on Content Analysis Of Consumer Reviews And Comments On E-Commerce by megawati
simanjuntak
https://www.researchgate.net/publication/376193995 Content_Analysis_Of Consumer_Reviews_And_Co
mments_On_E-Commerce

7 A Journal on A Content Analysis of Consumer Reviews by ramaswami,seshan linked in
https://ink.library.smu.edu.sg/cgi/viewcontent.cgi?article=2906&context=lkcsb_research

8 A Journal on a A genre analysis of book reviews written by professional critics versus online consumer critics
in nida.ac by umapa dachoviboon linkedhttps://repository.nida.ac.th/items/37dfaf07-1df9-4907-bea6-
8bled5784991

9 A Journal on Content analysis of fake consumer reviews by survey-based text categorization in
sciencedirect.com by sangkil moon linked
https://www.sciencedirect.com/science/article/abs/pii/S0167811620300598

10 A Journal on Sentiment Analysis of Consumer Reviews Using Deep Learning in mdpi.com by amjad igbal
linked https://www.mdpi.com/2071-1050/14/17/10844

Web references:

11 A Web reference on a A Content Analysis of Consumer Reviews by seshan ramaswami linked
https://ink.library.smu.edu.sg/cgi/viewcontent.cgi?article=2906&context=lkcsb_research

12 A Web reference on Influence of Online Product Reviews on Consumer Buying Intention by drh kaurh
linked https://mscw.ac.in/NAAC/Criterial/Samples-of-
ProjectWork_Fieldwork/B.Com(h)/Business_Research_Methods_and_Project Work/Final%20Project%20S
ubmission-20220128T035545Z-
001/Final%20Project%20Submission/Stuti%20Dua%20_247/Project%20%20Report%20 %20BCH-17-

247 .pdf

[JCRT2407492 | International Journal of Creative Research Thoughts (IJCRT) www.ijcrt.org ] e247


http://www.ijcrt.org/
https://mscw.ac.in/NAAC/Criteria1/Samples-of-ProjectWork_Fieldwork/B.Com(h)/Business_Research_Methods_and_Project_Work/Final%20Project%20Submission-20220128T035545Z-001/Final%20Project%20Submission/Stuti%20Dua%20_247/Project%20%20Report%20_%20BCH-17-247.pdf
https://mscw.ac.in/NAAC/Criteria1/Samples-of-ProjectWork_Fieldwork/B.Com(h)/Business_Research_Methods_and_Project_Work/Final%20Project%20Submission-20220128T035545Z-001/Final%20Project%20Submission/Stuti%20Dua%20_247/Project%20%20Report%20_%20BCH-17-247.pdf
https://mscw.ac.in/NAAC/Criteria1/Samples-of-ProjectWork_Fieldwork/B.Com(h)/Business_Research_Methods_and_Project_Work/Final%20Project%20Submission-20220128T035545Z-001/Final%20Project%20Submission/Stuti%20Dua%20_247/Project%20%20Report%20_%20BCH-17-247.pdf
https://mscw.ac.in/NAAC/Criteria1/Samples-of-ProjectWork_Fieldwork/B.Com(h)/Business_Research_Methods_and_Project_Work/Final%20Project%20Submission-20220128T035545Z-001/Final%20Project%20Submission/Stuti%20Dua%20_247/Project%20%20Report%20_%20BCH-17-247.pdf
https://mscw.ac.in/NAAC/Criteria1/Samples-of-ProjectWork_Fieldwork/B.Com(h)/Business_Research_Methods_and_Project_Work/Final%20Project%20Submission-20220128T035545Z-001/Final%20Project%20Submission/Stuti%20Dua%20_247/Project%20%20Report%20_%20BCH-17-247.pdf

www.ijcrt.org © 2024 IJCRT | Volume 12, Issue 7 July 2024 | ISSN: 2320-2882
Article Reference

13 A Article on Sentiment Analysis on Book Reviews Using Machine Learning Techniques in IEEE by
v.r.azhaguramyaa limked
https://ieeexplore.ieee.org/abstract/document/9785311

14 A Article on Statistical and sentiment analysis of consumer product reviewsby Zeenia singla linked
https://ieeexplore.ieee.org/document/8203960

15 A Atrticle on Mining Users Trust From E-Commerce Reviews Based on Sentiment SimilarityAnalysis by
shaozhong zhang linked https://ieeexplore.ieee.org/abstract/document/8631160

16 A Article on Analyzing reviews and code of mobile apps for better release planning in uzh.ch by Adelina
ciurumelea linked https://ieeexplore.ieee.org/abstract/document/7884612

17 A Article on Impact of online consumer reviews on product sales: Quantitative analysis of the source effect
by SH Ha,SY Bae linked https://www.naturalspublishing.com/files/published/7fv52zp828If9 t.pdf

18 A Article on A systematic literature review on machine learning applications for consumer sentiment
analysis using online reviews in arxiv.org by pk jain linked
https://www.sciencedirect.com/science/article/abs/pii/S1574013721000538

19 A Article on The Influence of Affective Content and Linguistic Style Matches in Online Reviews on
Conversion Rates in sage pub by stephan ludwig linked
https://journals.sagepub.com/doi/abs/10.1509/jm.11.0560

20 A A rticle on Decomposing the effects of online customer reviews on brand, price, and product attributes
by DS Kostyra linked https://www.sciencedirect.com/science/article/abs/pii/S0167811615000099

[JCRT2407492 | International Journal of Creative Research Thoughts (IJCRT) www.ijcrt.org ] e248


http://www.ijcrt.org/
https://ieeexplore.ieee.org/abstract/document/9785311

