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Abstract--Automatic cancer detection and segmentation
is main topic for the computer-aided diagnosis of lung
On the CT scans, there are abnormalities. However,
because low-level visuals are too weak to recognize, it is
a complex job in low-contrast photos. We propose a new
technique for the automatic detection of lung Tumours
in this project. We can also increase the intensity
contrast of CT images by estimating the probability
density function We employ expectation
maximization/maximization of the posterior marginal to
locate malignant spots. Finally, we use shape constraint
to reduce noise and identify focal malignancies. Lung
cancer is one of the leading causes of death in
undeveloped nations, and early identification of the
disease is difficult. Lung cancer diagnosis and treatment
has been one of humanity's most difficult challenges in
recent decades. Rapid recognition of malignancies
would help to save a substantial number of lives all
around the world on a constant schedule. This Mini
Work explains how a Convolution Neural Network may
also be used to distinguish lung cancers as malignant or
benign.

Keywords—Convolutional Neural Network (CNN),
MatLab, Computed Tomography (CT), Magnetic
Resonance Imaging (MRI)

I. INTRODUCTION

Lung cancer is considered to be a major cause of death
worldwide. Pulmonary cancer claims the lives of over 1.6
million individuals each year. In the United States alone,
lung cancer claimed the lives of 142,670 people in 2018.
Pulmonary cancer is characterized by the unregulated
proliferation of abnormal cells in the lungs. In the past
decade, the lung cancer death rate is comparatively
reduced owing to the advancements in the industrial
applications used for lung cancer detection and diagnosis.
Different commercially available computer-aided systems
have potential to tremendously increase the detection as
well as the diagnosis accuracy even with high dimensional
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lung cancer dataset without annotation characteristics for
categorization.

A. Lung Disease

Lung cancer is the most frequent cancer, and it has become
the leading cause of death in the United States, posing a
serious threat to human health. Lung cancer is a fast-
growing malignant cancer that usually strikes people
between the ages of 45 and 65. If individuals wait until
symptoms appear before seeking medical help, it means
the lung cancer has progressed to its last stage. As a result,
if lung cancer is not detected early and treated properly,
individuals often die within six months after being
diagnosed with lung cancer. As a result, how to avoid lung
cancer and how to treat lung cancer has become a highly
essential topic. The early stages of lung cancer do not
reveal any disease status. Even some massive
malignancies do not develop pain or other symptoms until
late in the course of the disease.

In advanced lung cancer, the tumour has grown large
enough to put direct pressure on a significant blood vessel,
causing harm to lung function. Cancers can also break and
bleed, causing severe abdominal discomfort, shock, and
death as a result of the loss of too much blood. The
purpose of lung tissue image segmentation is to
differentiate between scar tissue and normal cells in the
picture; in this study, both attributes are used in judging
and segmenting. In general, scar tissue in the late stages of
lung cancer has a bigger and more closely packed
distribution area and a darker colour than normal cells.

B. CNN

A CNN is a deep learning critical infrastructure that
learns directly from input, removing the ability for manual
feature extraction. CNNs are extremely effective for
visual recognition, faces, and sceneries by looking for
patterns in images. They're also useful for identifying non-
image data including audio, time series, and signal data.
CNNs are widely used in deep learning for three reasons:
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Because CNNs learn the features they derive, they
eliminate the need for manual feature extraction. In terms
of recognition, CNN outputs are quite accurate. CNNs
may be retrained to perform new recognition tasks,
extending the capabilities of current networks.

A convolutional neural network might have dozens or
hundreds of layers, each of which learns to interpret
distinct aspects of an image. At resolutions up, filters are
applied from each training image, and the result of each
convolved image is given as the input to the next layer.
The filters can start with very basic qualities like
brightness and edges and progress to more complicated
attributes that describe the object uniquely. The organic
structure of a visual cortex, which incorporates
configurations of basic and elaborate cells, inspired deep
learning techniques. The sub regions of a visual field are
found to stimulate these cells. Activations are the title
mentioned to these sub regions. As a result of the findings
of this study, the neurons in a convolutional layer link to
the sub regions of the layers beneath it, rather than being
fully connected as in other forms of neural networks. The
neurons are unaffected by areas outside of these sub
regions in the image. Convolutional neurons' outputs may
overlap, resulting in spatially related outputs, but neurons
in other types of algorithms do not share any connections
and produce separate results. Furthermore, when the size
of the input rises, the parameter (weights) In a neural
network made up entirely of neurons, the number of
neurons can rapidly grow. A convolutional neural network
reduces the number of parameters by using fewer
connections, shared weights, and down sampling.
ConvNet is made up of multiple layers, including
convolutional layers, max-pooling or average-pooling
layers, and fully-connected layers.

C. Matlab

MATLAB was established in the 1970s by Cleve
Index indicates, a professor of computer science at the
University of New Mexico, to assist his students. In 1983,
visiting engineer Jack Little discovered MATLAB's
economic potential. In 1984, Moler, Little, and Steve
Bangart created Math Works and rewrote MATLAB in C
under their new banner. Engineers and scientists use
MATLAB to research new systems and products that have
the potential to alter the world. At the heart of MATLAB
is a matrix-based programming language that allows for
the most intuitive expression of computer mathematics.
Create models and applications by examining data and
creating algorithms.

MATLAB helps you to carry your ideas from
research to production by deploying to operational
demands and embedded devices, as well as combining
with  Simulink and Model-Based Design. Matrix
manipulations, function and data visualization, algorithm
implementation, user interface design, and interaction
with programming languages like HTML, C, C++, Java,
and Fortran are all supported. It also aids in the analysis of
data, the development of algorithms, and the creation of
models and applications. It's a high-level programming
language that may be used for numerical computation,
presentation, and app development. It also enables for
iterative development for issue solving, design, and
exploration. It offers a huge library of functions for
solving ordinary differential equations, linear algebra,
statistics, Fourier analysis, filtering, optimization,
numerical integration, and numerical integration. It
includes built-in visuals for visualization approaches as

well as tools for creating custom reports. MATLAB's
programming interface gives programmers tools to
improve code quality, maintainability, and performance.
It includes tools for creating app-specific graphical user
interfaces. It offers utilities for integrating MATLAB-
based algorithms with C, Java,.NET, and Microsoft Excel,
among other products and languages.

Over the years, many users have contributed to the
advancement of MATLAB. It is the standard teaching tool
in institutes for introductory and advanced math,
engineering, and scientific courses. MATLAB is the tool
of choice in industry for high-productivity research,
development, and analysis. In MATLAB, toolboxes are a
form of add-on application-specific solution. The majority
of MATLAB users require toolboxes because they aid in
the knowledge and application of specific technologies.
Toolboxes are collections of MATLAB features that can
be used to enhance the MATLAB environment to handle
specific challenges. As add-ons, there are toolboxes for
signal processing, control systems, neural networks, fuzzy
logic, wavelets, simulation, and a variety of other areas.

D. Image Processing

Image processing is the process of altering a file's
digital attributes in order to increase its quality or extract
information from it. It comprises loading the image into
an image processing application, interpreting the image,
and modifying the image to obtain the required results.
The process of transferring a vision to a digital format and
then modifying it to create a better image or extract
essential information is known as picture processing.
Changes to images are frequently made automatically
using properly planned technologies. Image processing is
a multidisciplinary field that draws on contributions from
a wide range of scientific fields, including mathematics,
physics, optics, and electrical engineering. It overlaps with
pattern  recognition, machine - learning, artificial
intelligence, and human vision research. The procedures
of image processing include importing a snapshot from an
optical scanner or a digital camera, assessing and changing
the image (data compression, image enhancement, and
filtering), and creating the desired output image. The need
to extract information from photographs and understand
their content has fueled image processing's development.
Medical imaging, manufacturing, security, consumer
electronics, and, shortly, robotics, are just a few of the
sectors where image processing is applied.

It is used in diagnostic imaging procedures in medicine
such as digital radiography, PET, CAT, MRI, and
functional magnetic resonance imaging. We'll go over the
fundamentals of image processing and analysis using
Matlab to determine image characteristics, alter image
features, and improve image quality in this tutorial. This
is a type of picture enhancement in which the image's
selected attributes are enhanced or omitted. The
fundamental goal of image filtering is to change the
concentration of certain pixels in an image. Color filtering
enhances the appeal of an image or accentuates specific
image pixels. Green, for example, can be stressful to flora,
whereas blue accentuates aquatic bodies.

E. Image Analysis

Percutaneous thermal ablation has emerged as a
potential therapy option for a variety of solid organ
cancers. As the frequency of these treatments rises,
Likewise, the number of problems increases. The most
common side effects are bleeding from the target organ
during or after surgery, as well as thermal damage to
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nearby structures. The nature of these injuries differs
depending on the organ being treated, it's better to
organize them this way. We'll go over the most common
complications that occur after ablation of lung, kidney,
and lung malignancies, as well as the clinical signs and
symptoms that go along with them, and ways to stay away
from them in the future Understanding the hazards
associated with this procedure is critical for treatment
planning and ensuring that these operations are performed
safely.

Il. RELATED WORK

K. Mala et al., The goal of this study is to describe a
method for semi-automatic segmentation of malignant
cells and lung metastases in CT images. The accurate and
reliable segmentation of malignancies is critical for cancer
therapy follow-up. A level set method is at the heart of the
algorithm. The study looked at two datasets with a total of
25 malignancies from 16 patients. The suggested plan has
a mean percentage volume fault of 15.73 % and a mean
volumetric overlap error of 27.43 %. When using the
provided test data to evaluate the algorithm, the average
overlap error is 32.6 %, and the average volume difference
is 17.9 %.

Seung-Jin Park, et al., Thermal ablation has emerged
as a potential therapy option for a variety of solid organ
cancers. As the frequency of these surgeries rises, so do
the number of complications. Bleeding from the target
organ during or after the surgery, as well as heat harm to
communities by providing, are the most prevalent
consequences. We'll go over the most common
complications that occur after ablation of lung, kidney,
and lung malignancies, as well as the clinical signs and
symptoms that go along with them, and ways to stay away
from them in the future Understanding the risks connected
with this approach is critical for treatment planning and
ensuring that these procedures are performed safely.

Y. Masuda, et al., The that provides outperformed the
semi-automatic methods used by the other contestants in
the 2008 "3D Lung Cancer Segmentation Challenge."
When using the provided test data to evaluate the
algorithm, the average overlap error is 32.6 percent, and
the average volume difference is 17.9 percent. For hepatic
diagnosis follow-up, accurate and precise segmentation of
liver tissue and liver tumour is critical. We provide a
method for liver segmentation as well as a method for
malignant tumors segmentation in this research. To
convert an input CT picture into a binary image, a hybrid
image preparation method is applied first for liver
segmentation. This approach is being evaluated on CT
scans of the abdomen and compared to manual lung cancer
delineations. A method for tractor trailer the segmentation
of malignant cells and lung metastases in CT images is
described.

Y. Masuda, et al, They describe an
indistinguishability obfuscation-based public verification
scheme for cloud storage that demands only a little amount
of computation from the auditor and delegates the
majority of computation to the cloud. They also added
batch verification and data dynamic operations to the
scheme, allowing the auditor to efficiently undertake
many verification tasks from different users while also
dynamically updating cloud-stored data. The proposed
method allows the current frame's final result to act as the
baseline contour for the next frame. As a result, the

suggested scheme consistently achieves higher item
extraction accuracy.

B. N. Narayanan , et al., The pulmonary parenchyma
is retrieved from multi-sliced CT using this method. This
is a phase in the preprocessing process that detects
pulmonary illnesses like emphysema, malignancies, and
lung cancer. Automated lung disease diagnosis relies
heavily on image segmentation. The main necessity for
recognizing lung disorders is computer-aided lung
segmentation diagnosis. The primary necessity for
diagnosing lung disorders is computer-aided lung
segmentation diagnosis. A two-dimensional (2D) Otsu
algorithm based on Darwinian particle swarm
optimization and fractional-order Darwinian particle
swarm optimization is suggested in this study to separate
the pulmonary parenchyma from CT scans of the lungs.

Y. Tsuchiya, et al., At this time, there is a pressing need
to explore and create novel evolutionary algorithms to
solve the obstacles of medical picture segmentation. Lung
cancer is the most common cancer found in men around
the world. Lung cancer can be detected early and treated
appropriately, saving lives. CT is a low-cost medical
imaging tool for detecting lung cancer. The adaptive
median filter outperformed the median, adaptive median,
and average filters in the preliminary step, proving that the
adaptive median filter is best for medical CT images.
Adaptive contrast enhancement is also used to improve the
image contrast. +e MATLAB has been used to check the
practical results for 20 lung sample images, and the high
accuracy was observed at 95.89 %.

M. Tan , et al., One of the most difficult fields of
research is healthcare image processing. This research
presents a method for detecting bone malignancies in
magnetic resonance imaging (MRI) pictures. To remove
noise and soften images, a proposed-solution incorporates
certain pre-processing techniques such as the average
filter and the bilateral filter. This will increase the image
quality, making it acceptable for segmentation and
morphological operations that will be used to remove
spurious segments. This will improve the image quality,
making it acceptable for segmentation and morphological
operations that will be used to eliminate erroneous
segments. The MRI bone cancer images are processed to
identify the existence of bone cancer and assess its stage
using the k-means algorithm to compute mean intensity
and tumor volume.

K. Simonyan, et al., K-means cluster initialization
using RGB graphs, 2020. This study presents a novel and
adaptable initialization strategy for the classic K-means
algorithm to tackle the colored segmentation problem,
which determines the number of clusters and finds the
initial central points of clusters. Color-based image
segmentation divides pixels in digital photos into groups
for further analysis in applications including computer
vision, pattern recognition, image understanding, and
image processing. For picture segmentation, a variety of
methods have been created, although clustering
algorithms play an important role in digital image
segmentation. Furthermore, To account for segmentation
integrity, we used an iterative sequence inspired on the
EDAS method. The forced circulation surpasses other
existing clustering techniques by enhancing segmentation
quality and maybe lowering classification error, according
the experimental data.

IJCRT22A6162 | International Journal of Creative Research Thoughts (IJCRT) www.ijcrt.org | b237


http://www.ijcrt.org/

www.ijcrt.org

© 2022 1IJCRT | Volume 10, Issue 6 June 2022 | ISSN: 2320-2882

J. Long, et al., The template-based K-means algorithm
is used in this proposed algorithm to significantly activate
segmentation through the perfect selection of a template
based on gray-level intensity of image; the updated
membership is determined by the distances from cluster
centroid to cluster data points using the fuzzy C-means
algorithm while it contacts its best result; and finally, the
improved fuzzy C clustering algorithm is used for
detecting malignancy position by updating stress
management technique. The suggested technique achieves
improved detection of diseased and normal tissues in the
human brain under tiny detachment of gray-level
intensity, according to simulation results.

R. Girshick, et al., Image categorization and
interpretation are greatly aided by the use of visual
segmentation. Image segmentation is a remote sensing
approach that uses variables including spectral signature,
texture, and context to detect zones of distinctive or
dominant ground cover. Analyses with reference
segments, as well as data on inter- and intra-segment
spectral variance, were used to assess the quality of the
segmentation results. The algorithm is also freely
available as part of the open source RSGISLib project.
Image categorization and interpretation are greatly aided
by the use of picture segmentation. Image segmentation is
a remote sensing approach that uses features including
spectral signature, texture, and context to identify zones of
distinctive or dominant ground cover.

1. METHODOLOGY

A. Lung Cancer Detection:

We strategy work CNN to detect lung cancer based on
chest CT scans. In the first stage, lung areas are retrieved
from CT images, and each slice in that region is segmented
to determine malignancies. The segmented areas are used
to learn the CNN architecture. After that, CNN is used to
test the patient photos. The primary goal of this research
is to determine whether a malignancy in a patient's lung is
malignant or benign. The trained system will be able to
detect malignant cells in a CT scan of the lungs. As
illustrated in the lung cancer detection fig block diagram,
The segmentation method has five stages: pre-processing,
Transforming color images of lung tissue to grayscale
images is the main operation. The second stage is a
contrast enhancement methodology in which pixel
intensity values are employed to increase picture contrast
enhancement, allowing scar tissue and normal cells to be
distinguished clearly. A cross adaptive filter scans the
entire image with a cross mask and adjusts the mask size
to reduce the effects of ambient light unevenness in the
third stage. Two thresholds are created using the mean and
standard deviation values to transform a picture to binary
images and then extract the scar tissue. Because there are
still some spaces and superfluous tissues after the previous
processing, the final phase employs the majority filter to
fill these voids and remove unnecessary tissue. Finally, the
fifth stage takes care of minor remaining noise. To
minimize noise, regional labelling approaches can be
applied at this step.

Extract 3D cubes

l

CNN

Image Data set

'

Lung Classification

Detect Malignancy
Level

Block Diagram of the Lung Cancer Detection

B. Proposed Work

Human lung cancer is one of the causes of death.
Cancers must be detected early in order for patients to have
a better chance of survival. Several advancements in
medical imaging technologies have enabled the acquisition
of high-resolution CT datasets, allowing physicians to
manually inspect and identify both minor and big
malignancies. Due to the high number of photos in medical
datasets, manually assessing all of them is challenging, and
crucial diagnostic information may be missed.
Furthermore, diagnoses are primarily based on the
physician's subjective assessment and are determined by his
or her experience. Consequently, One of the key research
topics is computer assisted diagnosis (CAD) and computer
assisted surgery. This experiment uses CNN to detect lung
cancer based on chest CT images (Convolutional Neural
Network). Lung regions are extracted from CT images in
the first stage, and each slice in that region is segmented to
obtain tumours. CNN architecture is trained using the
segmented image regions. The patient photos are then
tested using CNN. The primary goal of this investigation is
to determine whether a tumour in a patient's lung is
malignant or benign. This experiment uses CNN to detect
lung cancer based on chest CT images. Lung regions are
extracted from CT images in the first stage, and each slice
in that region is segmented to obtain malignancies. CNN
architecture is learnt using the segmented image regions.
The patient photos are then tested using CNN. The primary
goal of this investigation-.is to determine whether a
malignancy in a patient's lung is malignant or benign.

C. Method

The four phases of any CAD system for lung cancer
include pre-processing, lung segmentation, feature set
analysis, and candidate nodule detection. CAD systems,
on the other hand, have two stages: nodule candidate
detection and false positive reduction. The patient visuals
are then examined using CNN. The aim of the research is
to determine whether a malignancy in a patient's lung is
malignant or benign. The trained system will be able to
detect malignant cells in a CT scan of the lungs.
For nodule detection, 2D geometrical level set active
contour, morphological characteristics, 2D parametric
deformable model, voxel clustering, and multi gray-level
thresholding have all been used previously in lung
segmentation. Using CNN as an example, we proposed a
method for diagnosing lung cancer based on thorax CT
images.
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Lung regions are extracted from CT images in the first
stage, and each slice in that region is segmented to obtain
malignancies. CNN architecture is trained using the
segmented regions. The patient photos are then tested using
CNN. The primary goal of this investigation is to determine
if a patient's lung cancer is malignant or benign. Figure 1
depicts the block diagram of the suggested system. As
shown in the figure, the trained system will be able to detect
malignant presence in a lung CT scan.

D. Algorithm

CNNs have defied expectations and ascended to the throne
as the most advanced computer vision technique. CNNs are
by far the most popular of the various types of neural
networks (others include recurrent neural networks, long
short term memory, ANN, and so on). In the world of
picture data, convolutional neural network models are
everywhere. They excel at computer vision tasks like as
picture categorization, object identification, and image
recognition, among others. This sD CNN uses external
storage cubes from lung CT scans to detect lung nodules.
Because external storage visuals provide a clearer picture
of objects, it consistently outperforms Zd CNN. The
architecture can be selected based on the application, the
depth required, and the time to train factor. Flatten the input.
1D image dimensions (width pixels x height pixels). Image
pixel values should be standardized (divide by 255). One-
Hot The categorical column should be defined. Create a
sequential model architecture with dense layers. Make
guesses after training the model.

IV. IMPLEMENTATION

To detect the presence of cancer tissues in the input lung
MRI picture, a deep convolutional neural network-based
method was used. The algorithm has been educated using a
lung image with various sizes of malignant tissues.
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Fig 3.1 Energy Chart

Lung regions are taken from CT images in the first
stage, and each slice in that region is segmented to produce
malignancies. CNN architecture is trained using the
segmented image regions. The patient photos are then
tested using CNN. The method of preparing lung CT scan
pictures before sending them to CNN architecture is
unique. Because there are so many non-imaging regions
that can affect feature extraction accuracy, this leads to
improved outcomes. Because items in ZD pictures may

overlap, lung nodule identification may have a significant
false positive rate. This sD CNN uses sD cubes from lung
CT scans to detect lung nodules. As sD images gives more
clear idea about objects, sSD CNN performs relatively
always good as compared to Zd CNN.
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Fig 3.2 Sensitivity, Specificity and Accuracy graph

According to the application, depth required and
considering time to train factor one can choose the
architecture among them have proposed an architecture
which is based on R-CNN where Deconvolutional structure
is added and uses first five groups of VGG-16 layers for
lung nodule candidate detection. After that false positive
rate is also reduced using sD CNN. This technique has a 98
percent accuracy in detecting the presence and absence of
malignant cells. The suggested convolutional neural
network-based technique improves the accuracy of lung
cancer detection. The same dataset was categorized using
GLCM features and a multilayer perceptron network
Backpropagation algorithm in addition to a deep
convolutional network. Only 98 percent of the results are
correct.

V. EXPERIMENTAL RESULTS

Lung Nodule is responsible for around 1.59 million
fatalities per year. It is critical to employ a computer-aided
diagnosis (CAD) system to assist radiologists in detecting
and diagnosing lung cancer. In order to design a reliable
CAD system, it must perform well in terms of diagnosis
speed, quantity, accuracy, and overall low mistake rate.
When predicting the presence of a nodule in a CAD system,
we compare the predicted nodule to the ground truth
annotation; the false positive ratio is the chance of
incorrectly rejecting the null hypothesis for a given test.

Input Image

Fig 5.1 Input Lung CT Image

The Fig 5.1 Shows, to add the lung image from the
dataset to your computer Any lung image from the dataset
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can be chosen. The disease has a tendency to remain user to enter data manually, they do produce an objective
asymptomatic in its early stages, full force and effect lung cancer risk score that can be used in decision-making.
practically impossible. As a result, early cancer Regardless of their allure and stellar performance.
identification is critical in saving lives. Early detection can

improve a patient's chances of survival and cure. Skull & remove vessels by applying Maximum likelihood

Median Filter

Fig 5.2 Median Filter
Wiener Fitter Fig 5.5 Skull and vessels removing

The Fig 5.5 shows, Applying should provide from
the input image, eliminate the skull and vasculature. Such
strategies aim to produce a quantitative output linked to
lung cancer risk based on an input CT and maybe
additional relevant patient meta-data. The purpose of such
systems can be divided into two categories. First, there
should be less variation in how interpreting physicians
estimate and report lung cancer risk.

area opened image

Fig 5.3 Wiener Filter

The Median Filter and Wiener Filter are shown in
Figures 5.2 and 5.3. This is the project's second form, in
which the input image is preprocessed to produce a certain
outcome. Models for lung cancer prediction based on
machine learning are developed to support doctors in the
management of ambiguous pulmonary nodules discovered
or on a screen.

EM -means Result

The Fig 5.6 Shows, Area Opened Image

The Fig 5.6 Shows, This process start with the input
image and ends with the area opened image. The
Radionics approach aids in the conversion of image
voxels into a set of numbers describing a biological
property of interest, such as lesion malignancy, clinical
stage, or therapy response.

Fig 5.4 Shows EM-Means Result

The Fig 5.4 Shows the EM Means result from the input
CT image. Despite the fact that such tools still require the
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segmented image

Fig 5.6 shows Segmented Image

The Fig 5.6 Shows, Segmented image, edge
detection and threshold from the input image. Here, this is
the edge detection and threshold from the input image
LUANL16. Here, this is the optimal neural network based
edge detection from the input image LUAN16. Here, this
is the prediction lung cancer final image.

V1. CONCLUSION AND FUTURE WORK

The specificity achieved in the proposed work is 99 %,
indicating that there is no false positive detection. In
addition, The proposed system exhibits a high level of
accuracy when compared to previously available
conventional neural network-based solutions, sensitivity
and specificity are two words that come to mind when
thinking about sensitivity and specificity. The most crucial
condition for an effective CAD system is that it assists the
expert radiologist in lung cancer detection by providing a
helpful reference opinion. In this paper, we proposed a
unique CAD system based on MRFCN. where we used
median intensity projection to extract meaningful
information from the nodule dataset. In the near future, the
system will be taught using large datasets to determine the
type of cancer based on its size and shape. A 3D
Convolutional Neural Network, as well as a deep network
to improve the hidden neurons, can improve the system's
overall accuracy. Because of its size and shape. The
overall accuracy of the system can be increased by
employing a 3D Convolutional Neural Network as well as
a deep network to improve the hidden neurons. The visual
contrast can be improved. Furthermore, by employing the
Deep CNN method, we can more precisely detect
malignancies. We intend to improve our work in order to
deal with the wide range of cancer morphologies.
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