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ABSTRACT

The movies in this recommendation are
chosen using a content-based recommendation
system. We have a dataset of the movies in the
project. There are director, keyword, genres, cast, etc.
in that dataset. A content-based recommendation
engine will consider how much the user enjoyed the
film. The next step is to analyse the input movie's
content (a dataset), including its genres, director,
keywords, and cast, to identify additional films with
comparable results. It then evaluates comparable films
according to its similarity score and suggests the film
to consumers.
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1. INTRODUCTION
Every time you open up YouTube just to

figure out the solution to your problem or just get the
latest news, you end up spending more time. A similar
thing happens when you decided on binging through a
single movie/series from an OTT you end up watching
more than what you had in your mind. Ever wondered
how they were able to do such a thing? Most of the
OTT  platforms depend on their movie
recommendation system.A movie recommendation
system is a fancy way to describe a process that tries

to predict your preferred items based on your or
people similar to you. From a user’s perspective, they
are catered to fulfil the user’s needs in the shortest
time possible. For example, the type of content you
watch on Netflix or Hulu. A person who likes to
watch only Korean drama will see titles related to that
only but a person who likes to-watch Action-based
titles will see that on their home screen.From an
organization’s perspective, they want to keep the user
as long as possible on the platform so that it will
generate the most possible profit for them. With better
recommendations, it creates positive feedback from
the user as well.

In the era of information overload, it is very
difficult for users to get information that they are
really interested in. And for the content provider, it is
also very hard for them to make their content stand
out from the crowd. That is why many researchers and
companies develop Recommender System to solve the
contradiction. The mission of Recommender System
is to connect users and information, which in one way
helps users to find information valuable to them and
in another way push the information to specific users.
This is the win-win situation for both customers and
content providers.

The evolution of technology brings us many
advanced platforms such as Machine Learning, Deep
Learning, Data Mining, the Internet of Things (loT),
etc. To satisfy the need of society, almost in each
work, we use this technology. It has many real-life
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applications such as PowerShell [1], TP [2-4], loT [5-
12], Cloud Computing [13], Artificial Intelligence
[14], Uncertainty [15-17], virtualization Environment
[18], SPP [19-26], and so on. IT is the mode to store,
fetch, communicate and utilize the information. So, all
the organizations, industries and also every individual
are using computer systems to preserve and share the
information. As we probably are aware, the world is
becoming quicker and everybody is moving towards
accomplishing their objectives. Individuals need more
time to go to the market and purchase things, not
simply that, they don't have the opportunity to pick
between things.

2. EXISTING SYSTEM AND ITS
LIMITATIONS

In the existing system there was no proper
method to examine the set of reviews given for some
movies and identify the best movie and worst movie
and recommend to the users who wish to view the
movie..There is no proper recommendation system in
the existing system which can able to automatically
recommend the set of movies based on keyword. All
the existing approaches try to verify the data manually
and they try to recommend the movies based on the
keywords which are present on the dataset. Hence it is
very time complexity to process the task.
LIMITATION OF PRIMITIVE SYSTEM

1. More Time Delay in finding the best
possibility of movies.

2. There is no accurate prediction.

3. This is not efficient method to recommend the
movies based on raw dataset

4. All the primitive methods use manual
approach for movie recommendation.

5. There are no automatic recommendation
techniques in existing system.

3. PROPOSED SYSTEM AND ITS
ADVANTAGES

Machine learning approach is applied which
employs The proposed system is very accurate for
recommendation of movies for the end users based on
the reviews which are collected from several users. In
this proposed system we try to apply ML approach as
recommendation model to recommend the movies
based on user search keyword. Also the proposed

system is very good in finding the recommendation of
movies by using meta data recommendation model
which can give accurate recommendation of result.
Hence by using this proposed movie recommendation
using ML approach we can get following advantages
like:

ADVANTAGES OF THE PROPOSED SYSTEM

1) By using these two recommendation models such
as item based recommendation and content based.

2) We finally get accurate recommendation based on
text reviews given by the user.

3) This approach reduces lot of time delay in
verifying the raw tweets provided on movies.

4) Here we used meta data recommendation which is
very accurate in generating recommendation for
the movies.

4. IMPLEMENTATION PHASE

Implementation is the stage where the
theoretical design is converted into programmatically
manner. In this stage we will divide the application
into a number of modules and then coded for
deployment. The front end of the application takes
Google Collaboratory. Here we are using Python as
Programming Language to implement the current
application. The application is divided mainly into
following 5 modules. They are as follows:

1. Import Necessary Libraries
2. Load Dataset Module
3. Data Pre-Processing

4. Train the Model Using Several
recommendation models

5. Find the Performance of movie
recommendation

1) IMPORT LIBRARIES MODULE
In this module initially we need to import all

the necessary libraries which are required for building
the model. Here we try to use all the libraries which
are used to convert the data into meaningful manner.
Here the data is divided into numerical values which
are easily identified by the system, hence we try to
import numpy module and for plotting the data in
graphs and charts we used matplot library.
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2) LOAD DATASET MODULE

In this module the we try to load the dataset
which is downloaded or collected from google
repository. The description of dataset is as follows:

aggle/taggle. Jsan

3) DATA PRE-PROCESSING MODULE

Here in this section we try to pre-process the
input dataset and find out if there are any missing
values or in-complete data present in the dataset. If
there is any such data present in the dataset, the
application will ignore those values and load only
valid rows which have all the valid inputs.

4) TRAIN THE MODEL
Here we try to train the current model on given

dataset using several recommendation models
algorithms and then try to find out which algorithms
suits best in order to identify and classify the input
dataset accurately and efficiently. Here we try to use
following algorithms on input dataset such as:

1. Item based

2. Content Based

5) COMPARITIVE ANALYSIS

Here in this module we try to compare each
and every classification algorithm on given input
dataset and then try to find out which one suits best
for finding the accurate results. Finally we try to take
one algorithm for recommendation of movies.

5. EXPERIMENTAL RESULTS

In this section we try to design our current
model using Python as programming language
and we used Google Collab as working

environment for executing the application. Now
we can check the performance of our proposed
application as follows:

IMPORT LIBRARIES

The above window clearly represents the list
of several modules used in our application.

PRE-PROCESS THE DATA

[ 1 df=df.reset_index()
° small df=df[['title’, ‘release date’, 'budget’, ‘revenue’, ‘runtime’, 'genres’]]
small_df.head()
title release date  budget revenue runtine genres
0 Toy Story 13951 30000000 37353540330 810 [ 16, 'name” ‘Animation’}, {id" 35
1 Jumanji  1395-12-15 65000000 104
2 Grumpier OldMen 1 1010
3 Waiing to Extale 1 1270 [{id" 35, name’- Comedy), {id" 18, iam
4 Father of the Bride Part Il 1995-02-10 0 1060 [fid: 35, 'name’- ‘Comedy]

From the above window we can see DATA is
pre-processed and we converted dataset into test and
train.

META DATA RECOMMENDER

Metadata-based recommender

© cred_df-pd.read_csv(credits.csv')
key_df=pd.read_csv( keywords.csv')
cred_df.head()
cast crew id

[{cast_id" 14, ‘character: 'Woody (voice),...  [{credit_id" '521e4284c3a3684718024149", '

=1

le. 862

[fcast_id"- 1, ‘character' *Alan Parrish’, ' [{'credit_id": '52fed4bfc3a36847f80a7cd1’,

o

0

1 e 8844
2 [fcast_id" 2, ‘character': "Max Goldman', ‘¢ [f'credit_id': '52fe466a9251416¢75077a59', 'de. 13602
3 [{cast_id" 1, 'character "Savannah “Vannah [{'credit_id": "52fe44779251416c¢31011ach’, 'de. 31357
4

[{'cast_id" 1, ‘character 'George Banks', ' [{'credit_id" '52fe44959251416¢75039ed7", 'de. 11862

From the above window we can clearly see
the meta recommender.

GENERATE CLASSIFICATION
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df.head()

From the above window we can clearly see
the generate classification.

MOVIE RECOMMENDATION

From the above window we can clearly see
the movie is recommended.

6. CONCLUSION
Recommendation systems have become an

important part of everyone’s lives. With the enormous
number of movies releasing worldwide every year,
people often miss out on some amazing work of arts
due to the lack of correct suggestion. Putting machine
learning based Recommendation systems into work is
thus very important to get the right recommendations.
We saw content-based recommendation systems that
although may not seem very effective on its own, but
when combined with collaborative techniques can
solve the cold start problems that collaborative
filtering methods face when run independently.
Similarly such systems can be improved further by
applying neural network embeddings to uplift the
quality of recommendations and make them more user
personalized. Thus we conclude that studying various
approaches towards recommendation engine is vital to
come up with a hybrid engine that overcomes the
shortcomings of these independent approaches and
multiplies  their  benefits. Where independent
approaches towards a movie recommendation system
may have shortcomings, when combined the right way
they will help users get the accurate recommendations
for movies.
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